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This study describes the reduction of the computer time requirements for an aerothermoelastic com-
putational framework. The reduced order model (ROM) of the fluid solver is developed using kriging
and proper orthogonal decomposition. The ROM accelerates the fluid solution by five orders of mag-
nitude. In addition, a smart ordering scheme is proposed to accelerate the sample generation for the
ROM. Using the extended computational framework, panel flutter problems are investigated with
emphasis on flow orientation angle and boundary layer thickness. These parameters are found to
have significant influence on the critical flutter dynamic pressure and amplitude of limit cycle oscil-

lation.
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List of Symbols

Goo Speed of sound

a,b Panel dimensions

a=lay, - ,0ng] Modal coodinates of structure
b=1[b,  ,bny] Modal coodinates of wall temperature
c Flight condition

cov Covariance function

Cy = Q/[PUoon(T - Tw)]
Cp = (p— Do)/l

Stanton number
Pressure coefficient

Cp Specific heat

D Sample data set

D = ER3/[12(1 — v?)] Bending stiffness of panel

d(ui, uj) The distance between two fluid solutions

E Young’s modulus

f=[fi,-- . fq Basis functions in global approximation in kriging model
h Thickness of a skin panel

M Mach number

Ny Number of samples

ne Number of clusters in smart ordering scheme
ng Number of flight conditions

ns,nr Number of modes for structure and wall temperature
p Surface pressure

9] Vector of pressure coefficients

q Dynamic pressure

q Surface heat flux

q Vector of Stanton numbers

R Correlation matrix

R Correlation function

Re = pUya/ Reynolds number

r Number of POD modes

S Snapshot matrix
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Acronyms

ADflow
CFD
FTSI
HYPATE
kNN
LCO
LnSp
MOR
MST
OLH
PETSc
POD
PT

Wall temperature

Time

Time step

Orthonormal matrix with columns as left singular vectors
Flow velocity

Fluid solution

Fluid field with undeformed panel and uniform wall temperature

Left singular vectors

Orthonormal matrix with columns as right singular vectors
Right singular vectors

Displacement of the structure

Sample point

Upper and Lower limits of input parameters

Solution vector

The kriging interpolation function in POD-kriging model
Local deviation in kriging model

The cell height of the fluid mesh

Coefficients in global approximation

Flow orientation angle

Boundary layer thickness

Error

Diagonal coefficient matrix for correlation function
Nondimensional dynamic pressure

The critical value of A

Air viscosity

Mass ratio

Air density

Structural density

Singular value matrix

Standard deviation in kriging model

Singular value

Mode for structure and wall temperature
POD matrix, whose columns are POD modes
POD matrix for pressure distribution

POD matrix for heat flux distribution

Automatic Differentiation flow solver

Computational Fluid Dynamics
Fluid-Thermal-Structural Interactions

HYPersonic AeroThermoElasticity simulation environment
The k-Nearest-Neighbour algorithm

Limit Cycle Oscillation

Linearized supersonic theory

Model Order Reduction

Minimum Spanning Tree

Optimal Latin Hypercube

Portable, Extensible Toolkit for Scientific computation
Proper Orthogonal Decomposition

Piston Theory
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RANS

Reynolds-Averaged Navier-Stokes

ROM Reduced Order Model
SUmb Stanford University multiblock
SVD Singular Value Decomposition
Subscripts
Op Quantities expressed using POD modes
Usta Quantities related to steady component of a dynamic solution
(S Quantities related to freestream
0 Quantities related to estimation
o Quantities related to reference solution
Oinsp Quantities related to linearized supersonic theory
rt Quantities related to piston theory
10| The L? norm of a vector

I. Introduction

Motivated by the interest in reusable launch vehicles for low-cost space exploration and rapid response to global
military threats, hypersonic flight has been an intermittent area of research for decades [1]. Hypersonic vehicles
operate at very high speeds and are exposed to extreme aerothermodynamic environments that involve extreme aero-
dynamic loading and heating. There are several unresolved technical challenges associated with hypersonic vehicles.
An important issue in structural integrity is the simulation of the aerothermoelastic response over extended time pe-
riods corresponding to a vehicle trajectory. Sustained hypersonic flight causes severe aerodynamic heating and leads
to degradation of material properties. The thermal stress introduced by the temperature gradients and geometrical
constraints can dramatically affect structural stability and cause buckling, panel flutter, and control surface flutter. The
analysis of performance, stability, and reliability of hypersonic vehicles requires accurate modeling of the complex
hypersonic flow physics. A computational fluid dynamics (CFD) solver is needed to capture the essential properties
of the flow physics. However, CFD-based aerothermoelastic dynamic simulation over the time scale of flight is in-
tractable due to high computational cost. Therefore, a reduced order model (ROM) for the CFD solver is required to
accelerate the performance of the fluid solver.

Popular model order reduction (MOR) techniques include surrogate-based methods and spectral methods [2—4].
Surrogate-based methods approximate a full-order model by a surrogate model, such as kriging. Spectral methods,
such as proper orthogonal decomposition (POD), simplify a full-order model by identifying the dominating com-
ponents of the response. The combination of surrogate-based methods and spectral methods, i.e. the POD-kriging
method, has been demonstrated to be effective in accelerating the fluid solver in computational hypersonic aerother-
moelasticity [2]. The POD-kriging method has been applied to aerodynamic loading and heating modeling of a 3D
control surface [3—5] and skin panels [2, 6]. As illustrated in Refs. [5, 6], the performance of the fluid solver can be
accelerated by a factor of 1000-10000, while retaining the accuracy of a Navier-Stokes solver.

Aeroelastic and aerothermoelastic behavior of skin panels of high speed missiles has been studied extensively, as
shown in a comprehensive review [7]. Recently, a fully-coupled fluid-thermal-structural interactions (FTSI) computa-
tional framework was used to simulate the long-time-scale behavior of skin panels in hypersonic flow [6]. However,
these studies focus on the response of a flat panel that is aligned to flow direction, which may not represent actual
operating conditions. On the surface of a generic hypersonic vehicle, the panel is frequently curved. Furthermore,
the direction of the flow will rarely coincide with that of the panel, an effect that can have considerable influence on
dynamical behavior of the panel, as shown in [8]. None of the studies addressed the problem using a fully-coupled
FTSI approach.

In current study, the authors described the acceleration of the computational framework named HYPATE, HYPer-
sonic AeroThermoElasticity simulation environment [9]. The framework is used to study panel flutter problems in
hypersonic flow, with emphasis on the effect of flow orientation angle and turbulent boundary layer thickness.

The remainder of this paper is arranged as follows: Section II details the MOR techniques for accelerating the
HYPATE framework. Section III presents the verification of the computational framework and its components, partic-
ularly the ROM of the fluid solver. Section IV presents results on the application of HYPATE to panel flutter problems.
Finally, section V provides concluding remarks.
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II. Model Order Reduction of the Framework

A. Overview of the Computational Framework

In Ref. [9], the HYPATE framework has been developed for time-accurate FTSI simulation. The HYPATE framework
combines the fluid, structural, and thermal solvers using a second-order time accurate loosely-coupled scheme. Re-
cently, the framework has been extended to include three fluid solvers having different levels of fidelity; meanwhile,
the structural and thermal solvers are accelerated by parallelization. The code structure of the extended HYPATE
framework is shown in Fig. 1.

The structural and thermal solvers are based on a C++ library with Python interface developed for general finite
element (FE) analysis [9]. The structural solver is capable of modeling the structural dynamics of anisotropic doubly
curved shallow shells, with shear, geometric nonlinearity, and thermal stress. The thermal solver models heat transfer
in composite shells using layer-wise thermal lamination theory. Both solvers account for temperature-dependent
material properties. The FE library is parallelized using the PETSc linear algebra library [10], which shows excellent
scalability. The acceleration is illustrated in Fig. 2, where the computational costs of the solvers in original framework
are used as reference. The structural and thermal solvers are both accelerated by two orders of magnitude.

The low-fidelity fluid solver is based on analytical models. The aerodynamic pressure is computed using linearized
supersonic theory for supersonic flow, and piston theory for hypersonic flow. The heat flux is computed using Eckert’s
reference method. The low-fidelity fluid solver is used to verify the correctness of the code implementation of the
framework. The next level up is a ROM-based fluid solver that has higher fidelity. The ROM-based fluid solver
is the primary means for the reduction of computational cost in the hypersonic aerothermoelastic simulation. The
ROM technique will be described in detail in the following sections. The high-fidelity fluid solver is the CFD solver.
Recently, the previous CFD solver, SUmb, was upgraded by its successor, ADflow (Automatic Differentiation flow
solver).

The new CFD solver introduces the restart capability, which is important for both steady/unsteady hypersonic
simulations. In hypersonic regime, if the flow solution is initialized uniformly using the free stream condition, the
simulation takes thousands of iterations to converge, i.e. to develop boundary layers and shock structures. When the
solver is restarted, the flow simulation is initialized with a converged flow solution. Therefore, the restarted simulation
is already nearly convergent, and the computational cost is reduced significantly. Furthermore, when the solution
is nearly convergent, the solver is numerically sufficiently stable, so that other acceleration techniques, such as the
multigrid method [11], can be applied to accelerate the convergence. The restart capability is used extensively for
sample generation in the fluid ROM, described in Section II.

P—— e —
Python driver Coupling Scheme CTCCZCCI1Z-C|e—e structural Solver
”””””” =—a Thermal Solver
mmimem [ S S & -o Linear Scalability

E Python wrapper Python wrapper Python wrapper

Structural solver Thermal solver
Analytical model (C++) (C++)
ROM solver

Fraction of cost

Number of processors

Figure 1. The code structure of the extended HYPATE framework.

Figure 2. Parallel scalability of the finite element library.

B. The POD-Kriging Model

A fluid ROM usually relies on some simplifications of the flow physics, so as to reduce the computational cost for ROM
generation. Therefore, a practical ROM usually involves in two components. The first component is an interpolation
model for fluid solutions with simplified flow physics. The second is a correction model to compensate for the error
introduced by the simplifications.

The key assumptions employed in the fluid ROM are,

1. Thermal solution of the structure is independent of structural deformation.
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2. The fluid solution is quasi-steady.
The first assumption is appropriate when structural deformation is small to moderate. It is justified mathematically in
Ref. [9] for skin panels. The second assumption is due to the disparity of characteristic times of different physical
domains. The fluid characteristic time is several orders of magnitude smaller than the structural characteristic time,
and the structural characteristic time is several orders of magnitude smaller than the thermal characteristic time [12].
The second assumption leads to two approximations,

1. The pressure is weakly coupled with structural velocity.

2. The surface heat flux is independent of any terms associated with time derivatives, including structural velocity.

In the following, two common techniques for generating interpolation models are described, i.e. kriging method
and proper orthogonal decomposition (POD) method. Then, the modeling considerations for pressure are discussed.
Finally, the fluid ROM and its error analysis are presented.

1. Kriging model

The key assumption of kriging method is that two sample points that are close to each other in the parameter space
have similar errors. This assumption is feasible for an unknown black-box function defined by deterministic computer
simulations, since no sources of random error exists in the sample data set [13—15].

It suffices to consider kriging model for a function with vector input and scalar output. For a function with vector
output, a kriging model can be constructed for each dimension of the output. With a given sample data set D =
{xi,y: },, the kriging interpolation is characterized by a global approximation f corrected using local deviations Z,

y(x) = f(x) + Z(x) (1)

The global approximation f is a regression function representing the global trend of the unknown function,
q
fx) =£x)"8=>_Bifi(x) )
i=1

In practice, the basis functions f(x) are polynomials up to second-order. When the basis function is zeroth-order, i.e.
the global trend is a constant value, the kriging model is usually referred to as “ordinary kriging”. Ordinary kriging
has been applied widely in engineering designs, such as Ref. [15]. Linear and quadratic basis functions have been
used in kriging models for fluid ROMs, such as Refs. [3, 5]. The results show that kriging model with quadratic basis
functions generates more accurate results than the one with linear basis functions.

The local deviation Z is assumed to resemble the behavior of a Gaussian process with zero mean and variance of
0%, 4+ Using a correlation function R(x;, X;), the covariance between two sample points is,

cov[Z(xi, %;)] = oy R(xi, X;) 3)

The correlation function measures the “closeness” between two points: The function value decreases as ||x; — x|
increases. A typical choice of the correlation function is the Gaussian kernel,

R(x;,x;) = exp [f(xi —x,)TO(x; — xj)} 4
The kriging model of the black-box function and the expectation of error are [13],
(%) =f(x)"B+r(x)"R7(y —FB) (5)
€hrg = a,%rg[l +t(x)T(FTR'F) 1t (x) — r(x)T R r(x)] (6)
where,

[Fli; = fi(x;), [Rlij = R(xi,x;5),
r(x) = [R(x,x1), -, R(X, %)), t(x) = F R 'r(x) — f(x)

2. Proper Orthogonal Decomposition

The POD method has been used for dimension reduction problems [16, 17]. It provides a means to reproduce the
behavior of a full-order system using a lower-order model, and thus significantly reduces computational cost. The
low-order model is constructed from a few “POD modes”, which represent the dominating patterns in the responses
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of a full-order system. Reference [16] is the first study to apply POD in fluid problems. Reference [17] provides a
detailed description of the POD method in general.

For fluid dynamics, the POD modes are usually constructed using the snapshot method [16]. Consider a sample
data set of full-order solutions {y;},, the snapshot matrix is,

S:[y17"'aym] (7)
Take the singular value decomposition (SVD) of the snapshot matrix,
S=Uuxv” ®)

where U and V are orthonormal matrices, whose columns are the left and right singular vectors of S, respectively.
The matrix X is diagonal, and the nonzero entries are singular values of S in decreasing order.
Let the first r left singular vectors be the POD modes,

U= [u, ) )
The snapshot matrix is approximated by projection onto the space spanned by ¥,
S~ wo’s (10)

The error of approximation is,

lepon =18 - w¥TS|? = 3 of ()
1=r+1

A full-order solution y and its POD components y p are related by POD transformation,
yp=0"y, y~Uyp (12)

3. Modeling considerations for unsteady pressure

Due to the quasi-steady assumption of the fluid ROM, given surface deformation and velocity, the pressure C,(w, W)
is decomposed into the steady and unsteady components.

Cp(w, ) = C3H(w) + CY™ (w,1b) (13)

where the steady component C’;td is the pressure when the surface is statically deformed. The steady component
is computed using a CFD solver or a fluid ROM. The unsteady correction for pressure is developed from analytical
inviscid flow solutions.

In hypersonic flow regime, the inviscid flow can be approximated by piston theory [18]. Its third order expansion
is,

Cplw, ) = CP'y o (w) + CP' L (w,b) + CF L (w, 1) (14)
Ot (w) = M%@(Moow,z) + ;1\2%: (Moow,,)? + éj\;; (Moow,)? (15)
Cpmia (W, W) = ;J\ZZZ %(me,m)@ + % + Moow,z) (16)
Rt =g 5 () + i (22)

where Cp, g ¢ is the pressure component due to deformation only, Cy, 1, is the pressure component due to deformation
and velocity, Cp, ,¢; is the pressure component due to velocity only. The term C’;td(w) in Eq. (13) is essentially the

viscous counterpart for C’;’tde f(w) in Eq. (14). The other terms in Eq. (14), which are velocity-dependent, are
combined to obtain unsteady correction [5],

(w, ) 4+ C?*

Cums P (w, ) = CF! P et (W, ) (18)

p,MIT

60f 19



Downloaded by UNIVERSITY OF MICHIGAN on April 5, 2018 | http://arc.aiaa.org | DOI: 10.2514/6.2017-1601

In supersonic flow regime, inviscid pressure is approximated by linearized supersonic theory (LnSp) [19],

Cp(w, ) = C1"57, (w) + CO5F (w, 1) (19)
Ins 2
Code(W) = —pme=t0a (20)
e . 2 M2 =2
C;?,Uz(mw) = (21)

JMZ 1 M2 — 10

Similar to the treatment in piston theory, with assumption 3, the velocity-dependent component is used for unsteady
correction,
CumsInse (i) = C'P (w, 1) (22)

p,vel

4. The fluid ROM using POD-kriging method

The quantities of interest in the fluid solver are the unsteady aerodynamic loading p and heating on the deforming
structure ¢. For more flexibility in the ROM, the pressure coefficient and the Stanton number are preferred over their
dimensioned counterparts. These quantities are represented as vectors,

p= [01(71)7 . ,C’é")} (23)
a=[Cy,- ¢y (24)

where C’,(,i), C’g) are the pressure coefficient and Stanton number at the th node of the mesh.

Following the discussion in previous section, the aerodynamic loading is decomposed into two parts, the steady
component ps;g and the unsteady correction p,,s. The POD-kriging method is used to model the steady component
of the aerodynamic loading. The unsteady component is computed using analytical relations.

The fluid solutions depends on a set parameters x. The parameters typically characterize flight conditions c,
structural deformation w, and wall temperature 7,,. For a skin panel, a possible combination of flight conditions is
¢ = [M, Re, f3]. The structural deformation is modeled using multiple structural modes, and the wall temperature is
approximated using polynomial functions,

w(z,y) = aibsi(z,y) (25)
=1

To(x,y) =Y bitbri(z,y) (26)
=1

Then, the fluid solution of a skin panel depends on a vector of (ng + ng + nr) parameters,
X:[MooaReaﬁa"'7a17"'7ansvb1,"'abnT} (27)

The computational cost for prediction using kriging model is proportional to the dimension of the output. If the
kriging model relates the parameter vector to the fluid solutions directly, dimension of the output is of the order of 10%.
However, the fluid solution can be approximated by a few POD modes (typically less than 50). In the POD-kriging
method, the output of the kriging model is the POD components, instead of the whole solution, the computational cost
of kriging model can be reduced by an order of 103.

The procedure for the generation and application of the POD-kriging model are illustrated in Fig. 3.

1. Generate a set of sample points {x;}7”, using optimal latin hypercube (OLH) sampling method.

2. Generate high-fidelity steady solutions {pstq}7 1, {&;}7*, for each sample point.

3. Apply POD to the sample solutions, and approximate the fluid solutions by,

pri =¥, Patai, Ari=V)q (28)

where the columns of ¥,,, ¥, are POD modes for distributions of pressure and heat flux, respectively. Then
denote,

yri = [Ppi, 4P (29)

4. Train a kriging model y po p—krq Using the data set {x;, y p; }12;.
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The procedure for prediction using POD-kriging model involves three steps. Given a new parameter vector X,
1. Obtain the POD components of the fluid solutions,

yp = [Pr,ar) = YPOD_kre(X) (30)

2. Recover the fluid solution by POD transformation,

Psta = Upbp, q=T¥,qp 31)
3. Correct the pressure for unsteadiness,
f) = f’std + puns(wa ’U)) (32)
Generation of POD-kriging model Prediction of Fluid Solutions
V- - - - - - - - - - - -~ " F______________T__‘
i [
I Parameters Range of Size of | Deforma?tlon, |
[ parameters sample data set/ | parameters Velocity |
I |
[
| |
I X X1y Xy m | l
[ | X [
I ' :
'l Optimal Latin [ |
I |
| Hypercgbe | S |
| Sampling {Kriging model)J_’ ' Kr|g|ng' ) :
! YPOD—krg I interpolation |
| {Xi} | |
I I o
N A [
| l | br. dp |
I'| Fluid solutions Kriging model | | [ :
[ ; ; [
| using CFD generation ( POD modes ) POD . Unstea.dy |
| ) | transformation correction I
| {pstd,i}a {q’b} | ~ I
| | 2 Pstd Puns |
! . | q . :
| Proper {pr:i}, {apri} | p |
Orthogonal Unstead '
| | y
1| Decomposition U, U, | ( Heat flux ) C pressure ) :

Figure 3. The generation and application of the fluid ROM.

5. Error analysis of the fluid ROM

The unsteady aerodynamic loading p and heat flux q depend on flight conditions c, surface deformation w, and surface
temperature T,. The relation is denoted symbolically as,

pP= p(C7’LU,Tw>7 q = Q(C,w,Tw) (33)
In the fluid ROM, Eq. (33) is approximated using the POD-kriging model and unsteady correction.

P = Psta(C,a,b) + Puns(c,w, Tw) + €pod + €krg + €uns + €mod

~ Pstd(C,a, b) + Puns(c,w, Tyy,)

4 = Qsta(c,a,b) + €pod + €xrg + €mod
~ {sta(c, a, b)

The approximation introduces four types of error:
1. €poq: The approximation of fluid solution using POD transformation.
2. €grg: The uncertainty in the kriging model.
3. €yns: The analytical correction for unsteady component. This term only exists in the pressure prediction.
4. €mod: The representation of deformation and temperature using shape functions.
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If the parameter space is well represented by the sample data set, the error of the ROM is bounded by,
|lell < llecor| + [l€modll + [l€podl| + [|€xrgll (34)

The error due to POD is determined through SVD using Eq. (11). The error due to kriging at a given parameter
combination can be determined using the probabilistic interpretation of the kriging model, i.e. Eq. (6). The error due
to correction can be only estimated empirically. The error due to modal approximation cannot be determined directly,
but can be estimated by,

ns nr
lemodl| < Erllw =Y aipsill + Eal|Tw — Y bitbril| (35)
1=1

i=1

where F1, F» are empirical constants to be determined numerically.

C. The Smart Ordering Scheme

Over 95% of the time for generating a fluid ROM is consumed by the computation of the sample fluid solutions.
The smart ordering scheme accelerates the computation of the samples, and reduces the computational cost of ROM
generation by a factor of 2.

The scheme utilizes the “restart” capability of the CFD solver. The fluid simulation is initialized using a reference
solution uv*, and converges to the actual solution u after a certain number of iterations. When the reference solution
is similar to the actual solution, the solver converges in fewer iterations and less time. The smart ordering scheme
initializes a sample solution v using another sample solution »™* that is the most similar to w, so that the computational
cost of u is minimized. The similarity between the reference solution «* and the actual solution u is characterized by
the “distance” between the two fluid solutions.

Similar to Eq. (33), the fluid solution depends on the flight conditions, structural deformation, and wall tempera-
ture,

u=u(c,w,Ty,) (36)

Assuming that the computational cost of the fluid solution is proportional to the difference between the reference
and actual solutions, one has,

terp(u) o [ju—u’|]
= HU(C,U},TU,) - U(C*7’w*,T:,)||

< Cille = ¢™[| + Coffw — w*[| + C3[ Ty — T 37

where C1, Cy, C5 are constants due to Taylor expansion of u(c, w, T,).
In the POD-kriging ROM, the structural deformation and wall temperature are represented using shape functions
in Eqgns. (25)-(26). Assuming the shape functions are orthogonal and normalized,

ns ns
waw*\l:||Za¢¢Si*Zaf1//Sz’||:||a*a*\| (38)

i=1 i=1

nr nr
HTw—T;,H:||Zbini_Zberi||:||b_b*” (39)

i=1 i=1

Combining equations (37)-(39), the distance between two fluid solutions is defined as,

ngeg

d(u,u*) = | Y Dii(e; — )2 + Dalla — a*|| + Ds||b — b*|| (40)
=1

where D1;, D2, D3 are empirical constants for nondimensionalization, so that the quantities with different units, such
as the deformation, temperature, and flow angles, can be summed up.

The total computational cost of computing the ROM samples D is proportional to the sum of the distances between
the fluid solutions and their reference solutions.

NS

terp(D) o Y d(u;, uy) (41)
=1
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The reference solution u; can be a naive fluid solution uo representing the flow field with undeformed panel and
uniform wall temperature. The naive fluid solution is computed before the ROM generation. The reference solution
can also be one of the sample fluid solutions. The best reference solution u; is the one that is the closest to the ¢th
sample u;, so that the computation cost of u; is minimized. In conventional ROM generation, the samples are always
restarted using the naive fluid solution u.

The algorithm for smart ordering scheme is presented in the Appendix A. The samples are ordered such that:

1. The first sample solution is restarted using the naive fluid solution u.

2. If the 4th sample w; is the reference solution for the jth sample u;, then d(u;, u;) is minimum, and u; is always

computed before u;.

3. Multiple samples might use the same sample solution as reference solution.

The comparison of the computational cost using the conventional method and the smart ordering scheme is shown
in Table 1. For simplicity, the fluid solution is described using 3 structural modes only, i.e. np = 0,ng = 3,ny = 0.
One hundred 3D solutions are generated. Using smart ordering scheme, the sample generation is accelerated by
approximately two times.

Table 1. Computational cost in sample generation.

Conventional ~Smart ordering Acceleration
Euler 1.2 hrs 0.7 hrs 1.7
RANS 2 hrs 0.9 hrs 2.2

III. Verification of the Framework
A. Two-Dimensional Panel Flutter

1. Case Description

First, the framework is verified for a semi-infinite panel, i.e. a 2D panel. The configuration considered is taken from
Ref. [20], where inviscid and viscous (laminar) tightly-coupled panel flutter simulations were performed at transonic-
supersonic Mach numbers. The panel was simply supported on its leading and trailing edges, and had the following
properties: thickness h/a = 0.002, mass ratio ps = 0.1, Poisson’s ratio v = 0.3. The cases for comparison are listed
in Table 2.

Table 2. Case parameters for 2D panel flutter
Case # Mach Type d/a Re

1 1.2 Euler 0.0 -
2 1.2 Laminar 0.025 100,000
3 1.8 Euler 0.0 -

2. Solution Procedure

The computational model for 2D panel is shown in Fig. 4. The structural mesh has 50 elements in streamwise direction
and is one-element wide in spanwise direction. Symmetric BC are applied to the sides parallel to x axis. The fluid
domain is discretized using structured mesh. It consists of 170 points in the axial direction (65 of which are on the
panel itself) and 81,/105 points normal to the plate for the inviscid and viscous meshes respectively. The wall-normal
spacing for the viscous mesh is Az/a = 10~° for a sufficient resolution of the boundary layer. The value of [ is
adjusted to obtain the required boundary layer thickness over the panel.
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Figure 4. The computational model for 2D case.

The simulation is initialized as follows. First, a steady solution is obtained for the undeformed panel. The resulting
pressure distribution due to boundary layer is applied below the panel in order to insure that the panel would oscillate
around its undeformed shape. To initiate the unsteady flutter computation, an incremental deformation is prescribed
by applying a small uniform load in z direction. For all computations, a second-order accurate temporal integration
scheme (dual time-stepping) for the flow solver is used with a time step of At = 0.5a/U. The time step is chosen
after a limited time-step convergence study.

3. Results

The variation of flutter amplitude as a function of the non-dimensional dynamic pressure A at x/a = 0.75 is shown
in Fig. 5 for all cases. In addition to the comparison with the results from Ref. [20], the results at the higher Mach
number (M., = 1.8) are also compared with the linearized supersonic theory, which is applicable at Mach numbers
above v/2 [21].

All the cases show very good agreement. The delaying of the flutter onset and the reduction of amplitude growth
rate due to the boundary layer are captured accurately, as well as the different flutter behaviours at transonic and
supersonic Mach numbers. In addition, at the supersonic Mach number (M., = 1.8) linearized supersonic theory
provides very similar results to Euler computations, which means that the non-linearity is not very significant for this
case.

Y ¥ HyPATE, ADflow (Euler), M=1.2
A A Gordnier, Euler, M=1.2
@ @ HyPATE, ADflow (Laminar, §/a=0.025), M=1.2, Re=1e5
P> P> Gordnier, Laminar, §/a=0.025, M=1.2, Re=1e5
@@ HyPATE, LnSP, M=1.8
||m m HyPATE, ADflow (Euler), M=1.8
¢ 4 Gordnier, Euler, M=1.8

v-e

IA .
;
;
*

.

Sw/h

4
A
* .
A

L iy
100 200 300 400

Figure 5. The LCO curves and comparison with Gordnier’s results.
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4. The fluid ROM for 2D panel

To verify the usage of ROM within HYPATE, a ROM was generated for M, = 1.8. This Mach number was chosen,
since an unsteady correction can be obtained from LnSp (Eqn.
(sine) modes with 50 samples. The unsteady ROM-coupled simulation is two orders of magnitude faster than the
CFD-coupled solution.

The cumulative pressure POD energy for different number of samples is shown in Figure 6a. It can be seen that 30
samples are enough to achieve convergence in the mode energy distribution. Three modes contain the entire energy,
while the first mode is the most energetic and contain 65% of the total energy, the second mode contain 30%, and the
third mode has the least energy with only 5%. The computed pressure POD modes shapes are shown in Figure 6b.
The first and third pressure mode shapes resemble to the first and second structural (sine) mode shapes, and represent
combination of compression and expansion on the panel. The second pressure mode represent a gradual compression
or expansion along the panel.
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19). The ROM was generated using 3 structural
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Figure 6. Pressure POD for 2D panel at M, = 1.8.

The ROM was used to reproduce the unsteady flutter simulation results at different dynamic pressures. The com-
parison of the LCO curves is shown in Fig. 7. The agreement is good in general: the onset flutter dynamic pressure
is captured accurately, and the amplitude growth rate is a little under-predicted. This is due to the fact that only three
sine modes were used to represent the panel deformation.
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Figure 7. The LCO curves and comparison with ROM results.
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B. Three-Dimensional Panel Flutter

1. Case Description

The configuration considered for 3D panel flutter is taken from Ref. [22], where a RANS-based tightly-coupled
aeroelastic computational framework was developed and applied to panel flutter analysis over a range of M., =
1.1 — 2.4. The geometric parameters and material properties of the panel are shown in Table 3. The panel is clamped
along its four edges. The natural frequencies of the panel agree very well with data from literature, as shown in Table
4. The first 12 mode shapes are shown in Fig. 8.

Table 3. Panel properties for 3D panel flutter

a b h Pm E v
9in  18in 0.040lin 110.01b/ft®> 5.6Mpsi 0.35

Table 4. The natural frequencies of the panel

Mode No. 1 2 3 4 5
Current 110.0 1424 2003 2834 2864
Ref. [22] 108.1 138.2 191.7 2679 2784
Difference (%) 1.71 3.04 449 5.79 2.87

Mode 1, f=110.0Hz Mode 2, f=142.4Hz Mode 3, f=200.3Hz Mode 4, f=283.4Hz

Mode 5, f=286.4Hz Mode 6, f=318.1Hz Mode 7, f=372.6Hz Mode 8, f=390.6Hz

Mode 9, f=451.0Hz Mode 10, f=521.3Hz Mode 11, f=552.7Hz Mode 12,

Figure 8. Mode shapes and frequencies for 3D panel, b/a = 2.

-
Il
v
v ]
w

.5Hz

2. Results

The CFD-coupled solution from HYPATE framework is verified using data from Ref. [22] in supersonic regime
(Ms = 1.6 — 2.4). The computational model for the 3D panel is shown in Fig. 9. In the structural mesh, the panel
is discretized using 10 elements in streamwise direction and 20 in spanwise direction. In the fluid mesh, the panel has
33 grid points in streamwise direction and 65 in spanwise direction. The 3™ value of the mesh is kept under 1.0 for
adequate resolution of the boundary layer. The value of [; is fixed, so that the boundary layer thickness at z = 0 is
d/a = 0.1 at M, = 2.4. The initialization of the simulation is the same as that of the 2D case.
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The flutter boundary of the panel is shown in Fig. 10. The Euler and RANS results are shifted upward by
approximately 5%, compared with the data from Ref. [22]. The Euler and LnSp results agree well with each other.
The error could be due to the fact that the structure used in current study is slightly stiffer than that in the reference. A
stiffer panel is expected to have higher flutter boundary. For the RANS results, another source of error is the boundary
layer. The values of d/a in the reference and current study do not match exactly. The difference in boundary layer
thickness may result in the shift of flutter boundary. The RANS and Euler results indicate that over Mach 1.9, the
viscous effect stabilizes the panel, i.e. increases the flutter boundary. This trend is also confirmed by Ref. [22].

y Vel

Rigid wall

Figure 9. The computational model for 3D case.
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1800l 7 Hypate, Euler |
o—o Hypate, RANS
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1600 H ~ o Hashimoto, RANS [~ il od
1400 |- 1
-
1200 |- 1
1000kt ‘ 1
"O-
800 )------ @.” -,EF’- 4
s
;
‘s : : : :
600 Er[ 1 1 1 1
1.6 1.8 2.0 2.2 2.4
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Figure 10. The flutter boundary for M., = 1.6 — 2.4.
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IV. Application to Hypersonic Panel Flutter

A. Case Description

The flutter analysis for the 3D panel configuration from Ref. [22] is extended to hypersonic regime (M., = 6). The
HYPATE framework is applied to investigate the effects of boundary layer thickness §/a and flow orientation angle (3
on panel flutter.

To enable a similar boundary layer thickness at an arbitrary flow orientation angle, the fluid mesh in the compu-
tational model is switched to an O-grid mesh, as shown in Fig. 11. The distance of center of the panel to the inflow
boundary is invariant, so the same boundary layer thickness at the panel is maintained for any orientation angles.

CFD-coupled solutions are generated for various values of dynamic pressures. These solutions are used to verify
ROM-coupled solutions. The verified ROMs are used to produce the flutter boundary for various cases, which are
presented next. The reduction in computer time is obtained due to the fluid ROM is illustrated in Table 5. In the
comparison, the simulation lasts for 30 minutes with a time step of 0.4ms, and the computational costs are extrapolated
from current data. The computational cost of fluid ROM is insensitive to the type of fluid equation (RANS/Euler). The
fluid solver is accelerated by 5 orders of magnitude, and the coupled solution is accelerated by 3 orders of magnitude.

AR
I

=

Rigid wall

Figure 11. O-grid type mesh for 3D panel.

Table 5. Comparison of computational cost

8 processors  Fluid solver ~ Structural solver Data transfer Cost (30min/0.4ms)

RANS 167s 31ms Ims 23.8 years
Euler 92s 31ms 1ms 13.1 years
ROM 0.4ms 31ms Ims 1.68 days

B. Effect of boundary-layer thickness

The effect of boundary layer thickness is examined for a symmetric case (5 = 0 deg). Three cases are considered: (1)
d/a = 0 (inviscid), (2) §/a = 0.08 and (3) 6/a = 0.1. The inviscid results are generated using piston theory.

In the fluid ROM, the structural displacement is represented using the 5 structural modes (the symmetric modes
1,3,5,7,11 are used). The ranges of parameters are shown in Table 6. The ranges are all centered at 0.0, so only the
maximum values are given. The ROM is generated using 100 samples.

Figure 12 shows the LCO curves for the different boundary layer thicknesses. The inviscid prediction shows that
Aer = 4000.0, and is not shown in the plot. Decreasing the boundary layer thickness does not have a strong influence
on the flutter boundary, A, decreased by around 1%. However, the boundary layer shows a strong suppression effect
on the amplitude of the panel oscillation. At the same A, decreasing boundary layer thickness by 20% would lead to a
100% increase in the flutter amplitude.

Table 6. Range of parameters for ROM S = 0°

Mode No. 1 3 5 7 11
Range 0.15 0.075 025 0.06 0.125
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Figure 12. The LCO curves of panel with different boundary layer thicknesses.

C. Effect of flow orientation angle

The effect of flow orientation angle is studied for §/a = 0 (inviscid) and §/a = 0.1. Two flow orientation angles are
examined 8 = 0, 30°.

The ROM for 3 = 30° requires both symmetric and anti-symmetric modes, so the first 12 structural modes of the
panel are used for ROM generation. The ranges of parameters are shown in Table 7. The ranges are all centered at 0.0,
so only the maximum values are given. Two sets of data are generated. One data set has smaller ranges of parameter,
so that oscillation near undeformed configuration is captured more accurately.

Fig. 13 shows the LCO curves for the different flow orientation angles. Increasing 3 from 0° to 30° has a dramatic
effect on the flutter boundary. In viscous case, ., dropped by 40%. In inviscid case, A, dropped by 70%. The drop
of A\ can be explained by the excitation of different modes of the panel at different 3, which are shown in Fig. 14.
At 8 = 0°, the dominant modes are the 3rd, 5th, and 7th modes. At 8 = 30°, the 2nd and 3rd modes are excited. As
modes of lower frequencies are easier to be excited, the panel is more prone to enter flutter.

Table 7. Range of parameters for ROM S = 30°

Mode No. 1 2 3 4 5 6 7 8 9 10 11 12
Data I 06 05 04 03 02 02 02 0.2 0.2 0.2 0.2 0.2
Data II 0.1 015 0.1 0.03 0.08 0.08 003 0015 0.015 0.015 0.035 0.015
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Figure 13. The LCO curves of panel with different flow orientation Figure 14. The modal components of responses at different flow
angles. orientation angles.

V. Concluding Remarks

The computer times required for the aerothermoelastic analysis framework HYPATE were reduced using MOR
techniques. The HYPATE framework is extended to include a ROM-based fluid solver, which is based on a POD-
kriging method. The ROM-based coupled solver is faster than the CFD-based coupled solver by three orders of
magnitude. In addition, the smart ordering scheme is shown to reduce the computational cost of the sample generation
for ROM by a factor of 2. The extended framework is verified by comparison with a number of representative test
cases.

The framework is applied to hypersonic panel flutter problem by employing the aeroelastic portion of the frame-
work. The study focuses on the effects of boundary layer thickness and flow orientation angle. The boundary layer
has minor influence on the flutter boundary, but poses a stabilizing effect on the panel in viscous hypersonic flow. The
LCO amplitude of the panel is significantly reduced when the boundary layer thickness is increased. The effect of
flow orientation angle is reversed. The flow orientation angle does not have a strong influence on the LCO amplitude,
but it can change the critical dynamic pressure dramatically, by exciting different modes of the structure.
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A. The Algorithm for Smart Ordering Scheme

The algorithm in the following considers parallel generation of samples, which is necessary when the fluid solver
is parallel but without good scalablility. It is more efficient to divide available computational resources into n¢ groups,
and use each group to compute % of the samples at the same time.

1. Use OLH sampling to generate N samples. An example dataset with two parameters is shown in Fig. 15a. The

star indicates the parameter combination for naive flow solution .
2. Create the k-Nearest-Neighbour (kNN) undirected graph from the sample points, as illustrated in Fig. 15b.
(a) Let the sample points be the vertices of the graph.
(b) For each sample point, find its first £ nearest neighbours using the kNN algorithm [23]. The distance in
the kNN algorithm is defined using Eq. (40).
(c) Connect the sample points to their nearest neighbours.
(d) If the graph is not fully connected, increase & and go back to step 2.2. Otherwise, continue.

3. Divide the sample points into n¢c equal-sized groups using standard graph partition algorithm from the METIS

package [24], as illustrated in Fig. 15c.
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4. For each group of sample points, represented by a subgraph, generate its minimum spanning tree (MST). The
MST of a graph is a subset of its edges that connects all its vertices with the minimum possible total edge length.
The MST’s are shown in Fig. 15d.

5. Starting from the point that is the closest to zero, determine the dependency of the sample points. The depen-
dency is represented using arrows in Fig. 15d. The sample at the tail of the arrow is the reference solution for
the sample at the head of the arrow. In each group, the first sample is restarted using the naive flow solution.

1.0 T T Ll

05f- . ° R
E 00 .- ® ..... ORI e b {E
e ° . a
L] o ° ! °
—0.5) .- o ° E ° 1
—10le i b I L °
-1.0 -0.5 0.0 0.5 1.0
Dim 1
a) The sample data set b) The kNN graph of the data set
1.0 1.0
0.5} ‘ - ‘ 1 0.5

00 0.0

Dim 2
Dim 2

—05F.-- —0.5F -

y i i i . i i i
-1.0 -0.5 0.0 0.5 1.0 -1.0 -0.5 0.0 0.5 1.0
Dim 1 Dim 1

¢) The partition of the kNN graph d) The MST’s of the subgraphs

Figure 15. Illustration of the smart ordering scheme.
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