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ABSTRACT

This dissertation focuses on two of the biggest kinds of long-term decisions in one’s life,
on housing and on marriage. In all three chapters I focus on previously unexplored aggregate
implications of simple differences between the incentives faced by different demographic
groups. Chapter I shows that when dealing with long commutes in an urban housing market
couples have a technological advantage over singles in being able to specialize. Therefore,
sprawled metro areas with long commutes motivate couple formation, while postponing
marriage contributes to gentrification. Chapter II explores how a preference of men to match
with younger women naturally leads to divorce, and the more so when an unusually large
cohort enters the marriage market. Chapter III shows that the reaction of housing markets
to monetary policy depends on the age-distribution of the population.

In Chapter I ”Commuting and the value of marriage” I study how and why long commutes
are costly to different types of households (namely singles versus couples) and what are the
implications for metropolitan housing and marriage markets. Over time, as metro-areas
sprawled to the suburbs, long commutes became common. In this paper I combine motivating
evidence with a structural model to show that even though long commutes are particularly
detrimental to married women’s labor market outcomes, in terms of welfare it is singles who
lose the most. First, I show that the gender gap in commuting among singles is negligible.
Second, men in couples (not women) have much longer commutes than single men, and job
access alone cannot explain this difference. This together with other observations suggests
that commuting features gains from specialization harnessed within couples, allowing men
to take better jobs. I embed this feature in a quantitative spatial model with endogenous
marriage and location choices that successfully captures the commuting and location patterns
by marital status. In a joint housing and marriage market equilibrium, as metro areas sprawl,
commuting increases most for men in couples and employment falls most for women in
couples, contributing to gender gaps in both outcomes. However, in terms of welfare singles
lose more than couples, increasing the value of marriage. Couples are able to partially evade
commuting costs through specialization, lower housing costs and redistributing resources
within the household.

Chapter II ”Did the baby boom cause the US divorce boom?” connects two major

xii



demographic '’booms’ that the United States experienced during the second half of the
twentieth century, in births after the second world war and in divorces 25 years later. This
paper argues that the two booms are linked. As the baby-boom generations were entering
marriageable age, men in previous cohorts were faced with exceptionally good remarriage
prospects motivating them to rematch. The cohorts who ultimately divorced most were
the ones with the biggest increase in remarriage opportunities for men. Using cross-state
variation in the size of the baby-boom, I show that marriages in the pre-boom generations
were more likely to divorce the bigger the relative supply of young women. This conclusion is
robust to instrumenting the size of the baby-boom with WWII mobilization rates. Lastly,
I construct a simple dynamic marriage market model which can generate a divorce boom
caused by a baby-boom, and can account for between a seventh and a third of the rise in
divorces in the 1970s.

In Chapter III ”Housing market channel of monetary policy: the role of residents in their
50s” I provide empirical evidence that the age composition of the population matters for
the transmission of monetary policy through the housing market. The response of housing
demand to changes in interest rates is a key mechanism of monetary policy. I show that the
effect of monetary policy shocks, identified through high-frequency event studies, on housing
prices depends on the age-structure of the economy in a non-trivial way. Both across U.S.
metro areas and across states, local housing prices drop more after monetary policy tightens
whenever the share of population between 50 and 65 years of age is higher. If the share of
population in a metro area 50-55 years old increases by one percentage point, a one standard
deviation monetary policy shock depresses housing prices by an additional 0.413 percent after
3 quarters. A stronger investment motive in the demand for housing by this age group is a
possible mechanism. This differential reaction of housing prices is already detectable by the
quarter of the shock, and is followed by a differential response in employment starting about

four quarters after the shock.
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CHAPTER I

Commuting and the Value of Marriage

Abstract

Over time, as metro-areas sprawled to the suburbs, long commutes became common. In
this paper I combine motivating evidence with a structural model to show that even though
long commutes are particularly detrimental to married women’s labor market outcomes,
in terms of welfare it is singles who lose the most. First, I show that the gender gap in
commuting among singles is negligible. Second, men in couples (not women) have much longer
commutes than single men, and job access alone cannot explain this difference. This together
with other observations suggests that commuting features gains from specialization harnessed
within couples, allowing men to take better jobs. I embed this feature in a quantitative
spatial model with endogenous marriage and location choices that successfully captures
the commuting and location patterns by marital status. In a joint housing and marriage
market equilibrium, as metro areas sprawl, commuting increases most for men in couples and
employment falls most for women in couples, contributing to gender gaps in both outcomes.
However, in terms of welfare singles lose more than couples, increasing the value of marriage.
Couples are able to partially evade commuting costs through specialization, lower housing

costs and redistributing resources within the household.

1.1 Introduction

Over the 20th century the geographic footprint of US metropolitan areas grew enormously.
Figure 1.1 shows that the share of U.S. population living in the suburbs increased from 7
percent in 1910 to 50 percent in 2000. Figure 1.1 illustrates this point within the Panel
Study of Income Dynamics (PSID), the primary dataset used in this paper. The distance

from a residence to the city center increased from over 13 miles in 1970 to almost 19 miles



by 2010, and so did the distance between residence and an average job in the metro area.
In this paper I focus on an overlooked aspect of suburban long commutes: the differential
impact on couples and singles, and men and women within couples, operationalized through
a joint housing and marriage market equilibrium. I show that while long commutes are most
detrimental to married women’s labor market outcomes, this does not necessarily mean their
welfare is also most affected.

A range of policies can affect commuting.! A long policy discussion about the pros and
cons of suburban sprawl and long commutes (see Glaeser and Kahn (2004), Ewing and
Hamidi (2015), Ehrlich et al. (2018) for reviews) focuses on the trade-off between productivity
returns to agglomeration and costs of commuting.?® The differential effect on the behavior
and welfare of singles and couples, the nature of commuting costs within households, and
the ways in which housing policy effects can be operationalized through a joint housing and
marriage market, are overlooked aspects of this debate.

I start by observing that singles and couples differ markedly in their commuting and
residential location decisions. I show that men in couples have much longer commutes than
all others. Single men and women both single and in couples have similar commutes. I show
that the choices of residential location (and thus job access) cannot explain this difference.
Rather the commuting margin plays a role in within couple job taking behavior, increasing
specialization on commuting as well as time. I then embed this feature in a joint urban
spatial housing equilibrium and marriage market equilibrium model, and show that within
this framework long potential commutes are most costly to singles, even though observable
labor market outcomes of married women are the most affected. As a result, longer potential
commutes actually incentivize couple formation.

The conclusion that long commutes decrease the welfare of singles more than that of
married women might come as a surprise. First, there is now a robust body of evidence
documenting that long commutes are a contributing factor to gender gaps in the labor market,
particularly for married women.? For example Black et al. (2014) and Farre et al. (2020)

provide descriptive and quasi-experimental evidence suggesting that in metropolitan areas

'Bento et al. (2005) discusses how variables that can be affected by policy, such as population density
restrictions on new development, public transit supply, density of the road network and distribution of jobs,
correlate with average commutes across the Unites States. Gyourko and Molloy (2015) reviews the literature
on housing regulations that discourage density, and thus encourage urban sprawl.

2See Fu and Ross (2013),Yinger (2021), Boehm (2013), Harari (2020) for examples.

3Recently, the COVID pandemic also reignited the discussion on benefits of work-from-home options
(Delventhal et al., 2022) and the interaction of working from home with time spent in home productions
Leukhina and Yu (2022).

4Despite considerable convergence over the past century, women participate in the labor market less than
men, and when they do, they work shorter hours and earn lower wages (for reviews and overall trends see
Blau and Kahn (2013), Blau and Kahn (2007), Blau and Kahn (2017),Petrongolo and Ronchi (2020)).



with long commutes women tend to work less. Several early papers document there are
substantial gender gaps in commuting, with men commuting more than women (Madden
(1981), White (1986), Turner and Niemeier (1997), Tkocz and Kristemen (1994)). Moreover,
a streak of recent papers documents that women have a lower willingness to trade off a long
commute for a higher wage, contributing to gender wage (and other labor market outcomes)
gaps (Rosenthal and Strange (2012), Gutierrez (2018), Liu and Su (2020), Barbanchon et al.
(2020), Caldwell and Danieli (2023), Borghorst et al. (2021), Moreno-Maldonado (2022)).
With the exception of Gutierrez (2018), the gender gaps in commuting are left unexplained
or interpreted as a difference in preferences.® While welfare implications are rarely discussed
in this literature, it is often implicit that the increased gender gaps in labor market outcomes
are undesirable for women and that policies implying long commutes are worse for women
than men. This would be true if gender gaps in commuting were caused by particular distaste
for commutes among women. Such a mechanism is, however, not supported by the range of
empirical evidence I provide in this paper.

Second, as metro-areas sprawl while jobs are concentrated in the city, suburban
neighborhoods lose more access than central ones. At the same time, couples are more
likely to live in the suburbs. Thus geographically sprawled areas hurt job access of couples
more than that of singles. Plus long distances exacerbate the collocation issue couples are
facing. Yet, in this paper I show that even though sprawl does hurt couple’s job access more
and the labor market outcomes of women in couples more, it is overall singles who loose most
in terms of welfare.

To make welfare conclusions about the impact of long commutes, it is necessary to know
more about the underlying motivations for residential and job choices, as they are both
endogenous. To this end, I collect a range of motivating evidence about commuting and
location choices of singles and couples. The most important and novel observation is that the
gender gap in commuting arises solely through men dramatically increasing their commuting
after they form couples. Specifically, using a geolocated PSID sample, I first show that men
substantially increase their commuting after forming a couple, that this is not true for women
and that there is essentially no difference in commuting between single men and single women.
Thus, gender gaps in commuting cannot be a result of gendered preferences. Second, while
it is true that couples are more likely to live in the suburbs than singles, this difference is
not big enough to explain the gap in commuting between single men and men in couples.

Specifically, I show that the gap in commuting reduces only marginally and remains large

SInterestingly, both Barbanchon et al. (2020) and Liu and Su (2020) state that there is heterogeneity in
the gender-gap by marital status, with married women being least willing to trade off higher wages for longer
commutes.



and statistically significant after controlling for various measures of how much residential
location is suburban or how much job access it has. Theoretically, couples could achieve
short commutes of wives by systematically prioritizing her job access when choosing where
to live. However, I find no evidence of this mechanism. Combining the main sample with the
geographic distribution of jobs from the LEHD Origin-Destination Employment Statistics
(LODES), and assigning individuals to their respective labor markets based on their most
common lifetime industry and earnings segment, I show that in fact, couples locate weakly
closer to the kind of jobs the husband typically works in. Alternatively, a wife might commute
less than her husband, because even if most of her potential jobs are far away, she searches
for a local alternative or drops out of the labor force if no convenient jobs are available. I
show evidence consistent with this second mechanism. Within couples, actual commutes
of husbands are more correlated with distances to potential jobs (i.e. potential commutes)
then are actual commutes of wives. On the other hand, labor market participation and
hours of wives are more negatively correlated with potential commutes. Thus, overall when
jobs in the husband’s labor market are further away from the couple’s residence, husbands
simply commute more. When wives’ jobs are further away, they are more likely to work
locally, reduce hours, or not work at all. Lastly, I confirm that couples and singles also choose
different residential locations within a metro-area. Couples systematically live further away
from the city center, and consequently further away from jobs.

Motivated by this evidence, I construct and estimate a quantitative urban spatial housing
market and marriage market equilibrium model.® Singles and couples choose a residential
neighborhood within a metropolitan area, accept or reject job offers and choose how to allocate
their time. I overlay this structure with a simple marriage market equilibrium. The difference
between singles and couples is a crucial feature of the model motivated by the empirical
evidence that both commuting and residential location differ substantially by relationship
status. Nevertheless, modeling this heterogeneity is very rare in quantitative urban economics.
Most closely related to this paper is Tscharaktschiew and Hirte (2010), who construct a
quantitative spatial equilibrium with couples and singles choosing a location. However, their
paper has implications that do not square with the evidence presented here (for example
singles flocking to the suburbs, and higher wage earners within couples commuting less).
I model the choices of couples explicitly as a collective decision resulting from bargaining

between two partners with potentially conflicting interests, as in Browning et al. (2014).” This

6The spatial equilibrium portion is standard, based on a discrete choice of location as in McFadden (1977),
Redding and Rossi-Hansberg (2017), Ahlfeldt et al. (2015) and many others.

"Thus, I relate to the literature on gender differences in labor market outcomes within the context of
household specialization. See Gronau (1977), Chiappori et al. (2002), Cherchye et al. (2012), Blundell et al.
(2016), Bertrand et al. (2015), Bianchi et al. (2000)).



again is a methodological contribution, as modeling household bargaining over residential
location is rare in quantitative urban economics. With the exception of Chiappori et al.
(2018a), who show that ignoring the bargaining process within couples in urban models
results in biased measures of value of time, the urban economics literature typically relies
on a 'unitary’ representation of the household.®® Lastly, I endogenize the decision to form a
couple and the required within-couple distribution of resources. To the best of my knowledge
this is the first paper constructing and estimating a quantitative spatial equilibrium model of
a metropolitan area with a combined housing and marriage market equilibrium, showing how
the effects of a housing policy can be operationalized through a joint equilibrium outcome.!”

Several possible mechanisms could explain gender gaps in commuting within couples.
However, none of the mechanisms common in the literature can also explain the gap between

1T propose that the observed patterns can be rationalized if

single and coupled men.*
commuting imposes costs on households in a form that rewards specialization — when one
spouse takes a local job or stays at home, the other is freed to work far away, accepting better
jobs. I propose a simple parametrization of a household-level cost of commuting that features
gains from specialization and show that it allows the model to match the observed patterns
of commuting and residential location. The cost captures the intuition that households value
if someone is close by, to deal with emergencies, accept packages or pick up children from
school. However, one person per household is quite enough, and there is no added benefit
when two people are working close to home at the same time. I estimate the model with a

moment based procedure, targeting moments summarizing the distribution of people and

8Taking the potential conflict between wives’ and husbands’ location priorities seriously is more common
in papers studying cross-metropolitan-area mobility. (Costa and Kahn, 2000) suggest that two-career couples
locate in a large metro areas to solve the collocation problem whose career to prioritize. Several papers
(Compton and Pollak (2007), Gemici (2008), Chauvin (2018), Venator (2020)) show cross-metro mobility is
typically associated with labor market improvements for the husband, and losses for the wife.

9Even among unitary representations of the household, those models that consider explicit specialization
by gender are not quantitative. Black et al. (2014), Abe (2011) present theoretical illustrative models where
a fixed cost of commuting increases labor force participation gaps by gender. Madden (1977) and Gutierrez
(2018) present theoretical spatial models where commuting returns increasing with hours (though higher
wages) can explain why women in couples commute less. None of these confront their quantitative predictions
with the data.

10Moreno-Maldonado (2022) constructs a quantitative model of choosing location across metro areas and
labor supply, where women’s labor supply declines in large cities due to higher commuting costs. Fan and
Zou (2021) present a pioneering model of location choice across metro-areas, with joint local marriage and
labor market clearing.

HFor example, Gutierrez (2018) studies only couples and shows that theoretically gender differences in
commuting can arise because returns to commuting scale with hours, but commuting itself is a fixed cost
with respect to hours. As husbands work longer hours than wives, they are more willing to commute. While
I incorporate this mechanism in my model, I argue it is not the principal driving force behind the observed
commuting differentials, because it does not explain why men in couples commute so much more than single
men.



jobs, labor market behavior of couples and singles, and residential location and commuting
behavior patterns presented in the empirical section.

Within this framework, I show how longer potential commutes benefit couples and
encourage more marriage while simultaneously increasing gender gaps in labor market
outcomes. Couples in metro-areas with long commutes become more specialized, with one
member (typically the wife) staying home or taking a local job and spending more time in
home production. This allows husbands to accept high-value jobs without worrying about
commuting. As suburbs are less and less convenient in terms of jobs access, housing rents
in the suburbs fall compared to the city. Because singles lack the technological advantage
of being able to specialize, they are more incentivized to flock to the city and overpay on
housing. While wives lose by not being able to keep jobs they like, within a marriage market
equilibrium they are compensated with more leisure. Thus, when the housing and marriage
market equilibrium re-clear, marriages end up being more valuable for both men and women
and welfare falls most for those who are single.!?

In the next section I describe the commuting and residential patterns of singles versus
couples, as well as the evidence that men and women in couples react differently to long
potential commutes. In section three I discuss the model, its structure and estimation. Section
four presents the results of a counter-factual simulation, changing the urban landscape towards
more sprawl that requires longer commutes. Finally, section five compares aspects of the
counter-factual simulation with variation across U.S. metro areas, providing further validation

for the model mechanisms.

1.2 Commuting and residential location of couples and singles

1.2.1 Data and Measurement

The primary data source for this section is the geocoded restricted version of the Panel
Study of Income Dynamics (PSID), with residential location data available up to the level of
a Census tract. With this information I assign each response to a 2010-defined metropolitan
statistical area (MSA) and compute an euclidean distance between the (2010 population
weighted) centroid of the tract of residence and the centroid of the largest Census place within
the MSA (distance to center d.). In addition, the PSID includes four variables allowing

12Tn this paper, I abstract from divorce for the sake of simplicity. If the ability to specialize on the
commuting margin adds to the value of marriage, it should also lower the probability of divorce. On the flip
side, if an individual (more often the wife) is working close to home, allowing their partner to accept longer
commutes, increasing their commute can be especially costly to the couple. Recent evidence by Hrehova
et al. (2021) shows that when a commute is increased by the business relocating, the worker is more likely to
divorce later.



Figure 1.1: Suburban sprawl and commuting
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me to study commuting. First, in waves 1971-1986 the PSID includes a typical commuting
distance in miles for the head and the wife (with 1971-1974 and 1977 only asking the head of
the household). This is the primary commuting variable in the analysis, labeled d. Second,
in waves 1970-1981 and 1983-1986 the PSID includes annualized hours of commuting for
the head and the wife (with 1973, 1974 and 1977 only asking the head of the household).!?
Third, in 2011-2017 both the head and the wife are asked about typical duration of a one
way commute (I annualize this report assuming each person works 5 days a week). Lastly, in
2013-2017 the geocoded restricted version includes the census tract of the current job. After
restricting only to people whose job is in the same metro area as their residence (thus avoiding
distances that are unreasonable to be an actual daily commute), I construct a ‘distance to job’
measure by computing the euclidian distance between the centroid of the tract of residence
and the tract of work. In almost all waves these variables are only asked of people who
worked over the last year. I use the alternative commuting measures to confirm robustness of
the main results to alternative definitions and time periods.

To study the labor market behavior I use annual hours of work and labor income. To
measure time in home production I use annual hours of housework.!* To study behavior
before and after forming a couple I construct tenure within a couple by assigning the first
observed year of cohabitation in the PSID as the year a person stopped being single. For
couples that are already observed in the first wave in 1968 I use the year of marriage, whenever
available, to represent the year the couple was formed. Throughout this section, single is
used to describe people in the PSID who have not been observed in a couple before.!®

To study the distribution of jobs within metro areas I utilize the publicly available counts
of jobs in a census bloc (counting jobs that are part of the unemployment insurance reporting
system) per industry (19 categories) and earnings segment (3 categories) provided by the
Census Bureau as part of the LEHD Origin-Destination Employment Statistics (LODES)
available in 2002-2017 (U.S.CensusBureau, 2021).'6 To extend the sample size I than backfill
the job distribution from 2002 to all pre-2002 waves of the PSID. I compute a matrix of

13The timing of this variable is somewhat convoluted - combining a typical commute of the current job
with the work-schedule of last calendar year. I keep the timing tied to the year of the wave, as the first
component is more relevant.

14 According to the documentation, this variable should only include hours of housework, not childcare.
However, Gayle et al. (2015) and others use this measure to be a combination of plain housework and
childcare. Namely, Gayle et al. (2015) show that subtracting typical PSID housework hours of singles from
PSID housework hours of women in couples results in a measure of childcare that matches well with childcare
hours reported in ATUS.

15Most importantly, singles do not include divorcees.

169_digit industry categories and 3 earnings segments is the level of differentiation available in the LODES
data (U.S.CensusBureau, 2021), which T use to construct distribution of jobs in metro-areas. The segments
are separated by monthly earnings at or bellow $1250, between $1250 and $3333, and above $3333.



distances from each tract to each tract within all metro areas. Then, by weighting distances
by the number of jobs I can compute 1) a distance to an average job in an MSA for each
census tract for each year and 2) a distance to an average job in each industry-segment
combination in an MSA for each census tract for each year (with pre-2002 years using the
2002 distribution). For each individual in the PSID that works at least in one wave when
industry classification is available I select their most common industry and most common
earnings segment (normalized to 2002 dollars for pre-2002 waves) and label this their ‘labor
market’. The associated distance to jobs in their labor market is interpreted as the distance to
other potential jobs the individual would be a good fit for, a ‘potential commute’ or ‘distance
to opportunities’ (labeled d,, measured in miles). Distance to an average job across all labor
markets is labeled d;.

In the analysis bellow, I restrict the sample to individuals 18-50 years old who live in
a metro area of at least 250 thousand residents per the 2010 Census. Moreover, for each
individual I select their most common metro area over their observed lifetime in the PSID and
exclude periods when this individual did not live in this MSA, so that all location changes are
within the same area. Lastly, I only use single people who have not been in a couple before

and couples for whom this is their first match, as far as it can be determined in the PSID.!”

1.2.2 Commuting of couples and singles

This section presents a set of descriptive facts about how commuting behavior changes
when men and women move from being single to forming a couple.'® Tables 1.1 and 1.2 show
results of regressing commuting outcomes on an indicator of whether an individual is in a
couple (this can be a marriage or a cohabitation, to the extent it can be identified within
PSID), metro-area, age and time fixed effects and additional demographic controls (with 4
standing for an individual and ¢ for the wave of PSID). The analysis is done separately for
men and women

di = - In couple;, + oy + Qgge + Qunsa + Xi + €3t (1.2.1)

Consistently, men in couples have considerably longer commutes and spend more time

commuting than single men.'® However, for women there is very little difference between

17Table A.2 presents summary statistics for the sample starting in 1969, the first year geographic information
is available, and since 1990, a subsample used large parts of the analysis.

18Since commuting is only defined for people with a job, all analysis in this subsection is done using a
subsample of working individuals.

19T study both commuting time and commuting distance and treat them as providing information about
the same behavior. Table A.5 in the appendix shows that this pattern holds in the cross-section using more
recent variables in the PSID — typical commuting time (available in waves 2011, 2013, 2015 and 2017) and
distance to work (available in waves 2013, 2015 and 2017).



Table

1.1: Commuting differences between singles and individuals in couples

Commuting distance (miles)

Men Women
Singles (mean) 8.900 8.495
In couple 2708 2555 2.369 2388 2.238 | .297 -.036 -.023 -.08 -.106
(.674) (.638) (.662) (.633) (.660) | (.658) (.646) (.632) (.663) (.628)
d 207 A17
0 (.062) (.027)
d .206 .108
¢ (0.032) (.023)
d, bins* X X
d. bins* X X
N | 24299 23243 24299 23243 24299 | 13641 13238 13641 13238 13641
N clusters | 155 153 155 153 155 144 142 144 142 144

SEs statistics in parentheses. SEs clustered at the MSA level.

All regressions include year, age, MSA fixed effects, education and race dummies and cohort of birth.

The sample includes only individuals that are observed in a couple at some point.

* Includes dummies for dg in intervals of 0-6, 6-12, 12-20, 20-30, 30-40 and over 40 miles.

couples and singles. The differences are large in scale compared to the baseline. Single men

commute about 9 miles on average. Men in couples commute 20 to 30 percent more.?’ This

is not a result of selection into being in a couple, as the sample excludes singles whom I never

observe forming a couple later on.

A potential explanation for why men in couples commute more than single men is that

couples typically move to the suburbs, thus further away from jobs. In section 1.2.4 I

show that couples do indeed live further away from the city centers (more often in the

suburbs) than singles. However, in tables 1.1 and 1.2 I show that this difference in residential

location cannot account for the observed commuting differences. Specifically, I show that

the commuting gap between single and married men reduces only marginally and remains

large and statistically significant after controlling for various measures of how much their

residential location is suburban (adding additional controls to equation 1.2.1). In column

3, I include the distance from residential location to the city center d. as a control. While

living further away from the city correlates with longer commutes, the gap between single

and coupled men remains well above 2 miles. Column 2 presents the result when d,, the

20The raw mean of commuting distance in the PSID sample is 10.6 miles with a standard deviation of 11.3

miles.
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Table 1.2: Commuting differences between singles and individuals in couples

Commuting time (annual)
Men Women
In couple 35.253 36.270 33.893 34.010 31.860 |-24.027 -24.022 -23.415 -24.138 -23.680
(8.528) (8.291) (8.735) (8.112) (8.469)|(6.742) (7.147) (7.187) (7.288) (7.393)
d 715 -.135
° (.515) (.435)
d .862 -.241
¢ (0.294) (.337)
d, bins* X X
d. bins* X X
N| 24181 22993 24181 22993 24181 | 15003 14475 15003 14475 15003
N clusters| 154 152 154 152 154 147 144 147 144 147

SEs statistics in parentheses. SEs clustered at the MSA level.

All regressions include year, age, MSA fixed effects, education and race dummies and cohort of birth.

The sample includes only individuals that are observed in a couple at some point.

* Includes dummies for dg in intervals of 0-6, 6-12, 12-20, 20-30, 30-40 and over 40 miles.

potential commute constructed with LODES data on jobs distributions, is added as a control
instead. This accounts more directly for the job access lost when living in the suburbs. While
a longer potential commute is associated with a longer actual commute, the gap between
single and coupled men is only marginally affected. Columns 4 and 5 repeat the exercise,
including instead dummies for several bins of d, or d., showing the results are not driven by
the linearity of the specification.?! Again, for women there is almost no change in commuting
before and after forming a couple, with or without controlling for where they live.

Next, I use within-person variation to show how commuting of men and women evolves
before entering a couple through spending 5, 10 and more than 15 years in the couple. Figures
1.2 plot coefficients B(_1¢),..., 815 from the following regression, where «; stands for a person

fixed effect. 5 measured the difference in commuting between those who are 5-9 years in a

21Gimilarly, the results are also robust to including polynomials of d, or d, instead.
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relationship compared to the baseline of between 1 and 5 years before forming a couple.

dit = B(—10) - (More than 5 years before forming a couple),, + £, - (0-4 after forming a couple),,
+ 55 - (In couple for 5-9 years),, + 510 - (In couple for 10-14 years),,
+ B15 - (In couple for 15 and more years),,
Foap+ o, +ay+a; + €,
(1.2.2)

The results mimic the cross-sectional comparison. For men, commuting distance increases
after at least 5 years in a relationship to a level 2-3 miles higher than the commute of single
men 5-1 years before they enter a relationship and flattens after.?? The pattern is analogous
for commuting time.?3

The picture for women, however, is starkly different. In the cross-section, women in
couples spent fewer hours a year commuting (likely confounding working fewer days with
commuting shorter daily distances, as the time measure is annual). Using person fixed effects,
and as such comparing women who worked both before and after forming a couple, I see that
there is essentially no effect of forming a couple on commuting.

A second key observation is that this stark gender difference in commuting behavior that
emerges within couples is not present among single people. Table 1.3 shows that across a
variety of measures of commuting, gender differences are stark in couples, but are negligible
among singles.?* This observations disqualifies differential distaste for commuting by gender
as the primary driver of gender gaps in commuting. Since men and women behave similarly
as singles, but starkly different within couples, it has to be a dynamic of within household

optimization that explains gender differences in commuting.

22Notice, though data is limited for this subsample, there is no evidence of a pre-trend, as commuting is
actually higher for men 10-6 years before entering a couple than for men 5-1 years before settling with a
partner.

23Tables A.4 and A.3 in the appendix repeat the analysis in tables 1.2 and 1.1 with person fixed effects.
Qualitatively, the patterns are robust to comparing explicitly men and women before and after they form a
couple. Men commute more, while women do not change their commutes. Quantitatively, the differences are
smaller. This is not surprising — given the limited number of PSID waves that offer commuting information,
there is only a limited number of observations that have commuting information both available before and
after forming a couple. Those that do are observed in only very fresh couples. The pattern in 1.2 shows that
commuting gaps take about 5-10 years to materialize.

24Table A.6 in the appendix confirms this pattern in the 2000 Census data.
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Figure 1.2: Event studies of commuting with respect to forming a couple
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Table 1.3: Commuting differences between men and women when single and when in couples

Commuting Commuting Commuting Distance
distance time time to work
(typical) (annual) (annualized) (tract to tract)
All (mean) 10.646 173.274 183.402 9.039
.008 -4.656 15.550 -.773
Man
(.697) (9.220) (8.791) (.563)
In couple -.637 -31.045 -7.600 -.252
P (.542) (5.931) (6.383) (.420)
. 3.867 74.676 24.197 2.630
Man in couple
(.775) (10.060) (10.582) (.728)
N 25078 26942 9189 4843
N clusters 145 150 165 148
In couple at some point X X
1970-1986 2011-2017 2013-2017

All regressions include year, age, MSA, education, race, cohort controls. SEs statistics in parentheses. SEs clustered at the MSA

level.

1.2.3 Potential commutes and labor market attachment within couples

The previous section shows that within couples there is a gender gap in commuting. Two
sets of mechanical explanations are possible. First, it could be that couples locate close to
the chosen job location of the wife, more than that of the husband. Second, when a couple
forms, women with long potential commutes drop out of the labor market or switch to local
jobs, while men keep their jobs with long commutes or switch to potentially better jobs even
further away.?> In other words, either couples chose their residential location closer to the
wife’s jobs, or men and women in couples differ in how they accept jobs given their residential
location.

To discriminate between these two proximate causes, I take advantage of the data on the
distribution of jobs in a metro-area. I compute the difference between husband and wife in
their potential commutes (defined as the distance to potential jobs in their typical industry and
earnings segment do,it); by running the following regression d, ;; = 3 - Man; + Qcoupte + Xi + €1,
where qioupie stands for couple fixed effects and 8 measures the within-couple gender gap in

job access. If couples on average systematically prioritized job access of wives, their residential

25This is consistent with the dramatic drop in labor market attachment of women after forming a couple,
as illustrated in figure A.1, compared to men, who actually slightly increase their labor market attachment
after forming a couple).Both figures A.1 are based on regressions with person fixed effects, ruling out any
possible explanation of the selection of working men and non-working women into coupling.
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location would be on average closer to the wife’s type of job. Table 1.4 provides evidence
against the residential location channel. There is no statistically significant difference in
potential commute within couples. If anything, husbands have weakly shorter potential

commutes.

Table 1.4: Difference between men and women within couples in potential commutes

dO
Man -0.039 -0.064 -0.118 -0.109
(.080) (.090) (.074) (.080)
X;:
Industry+segment X X
fixed effects

Education, race, cohort X X

age, year X X
N | 47482 47130 96412 96023

Sample | > 1990 > 1969

SEs in parentheses, clustered at the MSA level.

All regressions include couple fixed effects.

doit =B+ Man; + Qeouple + Xi + €+ where 8 measures the difference within couples between men and women in their distance
to an average job in their assigned industry and earnings segment.

The lack of a gender gap in potential commutes suggests that the gender difference in
commuting within couples happens because husbands and wives take jobs differently. Next, I
provide more direct evidence of this mechanism. Similar to Gutierrez (2018) I study variation
within heterosexual couples, thus comparing men and women living in the same location.
Consider the following regression (where ¢ stands for an individual, ¢ stands for a couple, a

stands for age and ¢ stands for time).
comim;s = Bd : doit + de . do,itwomani + Bw swoman; + o + g + oy + Uind,seg + €t (123>

The left-hand side variable is one of the measures of commuting available in the PSID.
Table 1.5 shows the results for commuting distance, annual hours spent commuting, annualized
usual time spent commuting and distance to work (euclidean distance. tract to tract). The
first row presents the estimate for 54, showing that for all measures of commuting being
the one whose potential jobs are further away from the place of residence is associated with
longer commutes for men. This is reassuring as it validates that the chosen measure of access

to potential jobs correlates strongly with actual commutes. The second row (estimates of
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Table 1.5: Actual commutes and potential commutes within couples

Commuting Commuting time  Commuting time Distance to work
distance (miles) (annual) (annualized) (tract to tract)
Distance | 0.614  0.706 4.241 5.348 4.614 6.268 0.306 0.570
to jobs (d°PP) | (0.117) (0.107) | (1.033)  (0.971) | (0.984) (1.135) | (0.137) (0.167)
-0.098 -0.106 | -1.581 -1.478 | -1.681 -1.689 | -0.128  -0.121
d°PP. Woman
(0.047) (0.050) | (0.612)  (0.649) | (0.324) (0.378) | (0.046) (0.032)
Woman -1.453  -0.134 | -35.342  -21.611 | -5.412 8.89 0.940 1.760
(0.896) (0.981) | (10.400) (11.847) | (7.930) (8.697) | (0.780) (0.650)
X;:

"Labor market’ fes X X X X
Couple fes X X X X X X X X
N | 19836 21244 8824 3350

N clusters 146 145 159 131

SEs in parentheses. SEs clustered at the MSA level.
All regressions include year, age, MSA fixed effects.

Sample: all waves when a selected commuting variable is available. For commuting distance in miles and annual commuting
time this requires using distribution of jobs from (mostly) 2002 backfilled to the 1970s. Annualized typical commuting time and
distance to work use the actual distribution of jobs in the respective wave (2011-2017).

Bwa) shows the main coefficient of interest. The association between actual commutes and
potential commute is not symmetric by gender — it is weaker for women. Whenever a couple
lives further away from the wife’s job opportunities, her commute increase less than it would
for her husband.

Notice that by including couple fixed effects () I rely on variation in differences between
husband and wife for couples where both of them work and they each work in a different
kind of job (industry and/or earnings segment). As a byproduct, I am, by definition, only
comparing people who live in the same location, with the location of the job determining
commuting. This is important as it eliminates potential differences among people in how
one’s residential location is convenient for job access in general. Moreover, in columns 2, 4,
6 and 8 I include fixed effects for industry and earnings segment interactions. This way I
am netting out systematic gender differences in working in generally more or less accessible
industries. Overall, there is a strong pattern in couples of women’s commutes being less
associated with distance to opportunities than men’s.

Next I repeat the analysis with labor market behavior on the left hand side. Table 1.6
presents the results. In the first three columns I see that within couples, for men their distance

to opportunities is associated with lower hours and a lower probability of employment. This
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Table 1.6: Work attachment and potential commutes within couples

Hours  Working Hours (positive) Housework hours log wage
Distance | -5.462 -0.002 -4.935 -1.064 0.00143
to jobs (d°PP) | (2.221)  (0.001) (1.911) (1.236) (0.00118)
4P Woman -5.146 -0.002 -2.484 3.285 -0.00118
2.356) (0.001) (1.722) (0.884) (0.00062)
-557.429  -0.0762 -433.625 416.334 -0.109
Woman
(44.939)  (0.014) (31.969) (17.319) (0.020)
X;:
"Labor market’ fes X X X X X
Couple fes X X X X X
Both working X X
N | 59872 49120 58892 47918
N clusters 177 177 177 177

SFEs in parentheses. SEs clustered at the MSA level.
All regressions include year, age, MSA fixed effects.

All results are based on waves 1990-2017 to avoid excessive backfilling of the jobs distribution. Table A.10 shows analogous
analysis of hours spent working over samples when commuting variables are available, providing a more direct link to table 1.5.

suggests that a long potential commute disincentivizes work, either because commuting takes
out of the time endowment or is costly for other reasons, leaving less time for work, or
because jobs that are further away from industry centers are less desirable to spend time
in. The second row shows that this association is again not gender-neutral: it is stronger
for women, the opposite pattern to what I observe in commuting. Column 4 shows that the
distance to potential jobs correlates negatively with hours of housework for men, but it is
positively associated for women. The last column shows that long potential commutes are
weakly associated with higher wages. However, this is less true for wives (though this result
is only marginally significant).

Overall, a clear pattern emerges. Men and women in couples do not react symmetrically
to poor job access. While husbands go for desired jobs even when they are far away and
spent a long time commuting, wives tend to take a more local job, cut their hours or drop
out altogether, spending more time on housework, potentially also settling for a lower paying
job. This again suggests that couples behave as if husband’s commuting was less costly to

them than that of wives.?6

26 A potential shortcoming of this analysis is that commuting variables are available only in selected waves,
and for commuting distance in miles and annual commuting time the jobs distribution has to be imputed
from the first available datapoint, typically from 2002. Table A.10 in the appendix repeats the analysis
of hours, cutting the sample to only waves when a respective commuting variable is available. While the
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1.2.4 Residential location of couples and singles

In this section I show that couples and singles also choose differently when picking a
residential location within the metro-area. Mimicking the analysis of commuting, table 1.7
shows the results of regressing distance of the census tract of residence to the center of the
MSA in miles (d§,) on an indicator of whether an individual is in a couple (this can be a
marriage or a cohabitation, to the extent it can be identified within PSID), metro-area, age
and time fixed effects and additional controls (with ¢ standing for an individual and ¢ for the
wave of PSID).?"

dy = 3 - In couple;, + a; + Quge + Qmsa + Xi + €3t (1.2.4)

Table 1.7: Distance to the city: couples versus singles

Distance Distance to Distance Distance to jobs in own
to center center < 10 miles to jobs industry/ segment
In couple 1.830 .966 -.071 -.047 1.399 369 1.754 436
(.338) (.197) (.0132) (.0097) (.312) (.183) (.322) (.192)
Xii
Education, X X X X
race, cohort
Person fes X X X X
Sample: > 1990 > 1990
N | 160549 209337 160549 209337 108662 105099 89873 88970
N clusters | 181 181 181 181 183 183 183 183

SEs statistics in parentheses. SEs clustered at the MSA level.
All regressions include year, age, MSA fixed effects.

Columns 1,3,5 and 7 only use people in couples or singles who are later observed in a couple.

In the cross-section, after controlling for age, education and race dummies, couples live on
average almost 2 miles further away from the center than singles. The third column shows

that for singles the probability of living less than 10 miles from the center is about 7 percent

raw association between distance to opportunities and hours is not robust to using only older waves when
commuting information was available, the gender difference is. When using only recent samples that include
annualized commuting time and distance to work, the gender difference is not significant. This is likely
because the sample is substantially smaller, lacking enough variation within couples in their industry-segment
combination. When I extend it moderately to include waves from 2000 onward, the result reemerges and is
quantitatively similar to using older waves.

27Unlike for commuting, analysis in this section is not excluding people who drop out of the labor force.
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Figure 1.3: Event studies of distance to the city with respect to forming a couple
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Plotting coefficients 8_10, Bo, 85, B10, B15 and the respective 95% confidence intervals from fixed effects regressions of the form:
d$, = B—10 - In couple in more than 5 years;, + Bo - In couple less than 5 years;; + 85 - In couple for 5-10 years,; + P10 -
In couple for 10-15 years,; 4+ 15 - In couple for more than 15 years,; + at + oa + g + 5 + €;x with the category ”5-1 year
before forming a couple” excluded and normalized to 0.

higher. Columns 2 and 4 show that selection of singles to the city center is robust to looking
strictly at the panel variation, after including person fixed effects. Figures 1.3 show that
the pattern of moving to the suburbs is comparable for men and women and stabilizes after
about 5 years of cohabitation. In metropolitan areas, jobs are typically more concentrated
than people. When couples move to the suburbs, they are also moving further away from
jobs. This is illustrated in columns 4-8 in table 1.7. People in couples live further away from
an average job and further away from an average job in their most typical industry and
earnings segment. Figures 1.4 show this pattern with the within-person variation. Unlike
with commuting, the move to the suburbs is very similar for men and women.

To summarize, I show the following facts. First, on average men commute more then
women. Second, this gap arises purely because men increase their commutes substantially
after they form couples. This gender gap is not present among singles and men in couples
commute much more than single men, while there is little difference for women. Third, couples
are more likely to live in the suburbs and further away from jobs than singles. However,
this difference is not the main driver of the commuting gap between single men and men in
couples. In fact, the commuting gap is very robust to controlling for aspects of residential
location that measure distance to the city or jobs. Fourth, there is no evidence that couples
locate further away from the husband’s potential jobs. This suggests that gender gaps

in commuting within couples are not facilitated by the choice of residential location that
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Figure 1.4: Event studies of job access with respect to forming a couple
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Analogous regressions for figures 1.3. With distance to center d¢ replaced with the average distance to jobs in the metropolitan
area of residence d;, and the average distance to such jobs restricted to the individuals most common industry and earnings
segment d,. Only data after 1990 are used, to not backfill job locatio