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Abstract. We develop discrete counterparts to the Gel'fand—Levitan and Marchenko integral
equations for the two-dimensional (2D) discrete inverse scattering problem in polar coordinates
with a nonlocal potential. We also develop fast layer stripping algorithms that solve these
systems of equations exactly. The significance of these results is: (1) they are the first numerical
implementation of Newton’s multidimensional inverse scattering theory; (2) they show that the
result will almost always be a nonlocal potential, unless the data are ‘miraculous’; (3) they show
that layer stripping algorithms implement fast ‘split’ signal processing fast algorithms; (4) they
link 2D discrete inverse scattering with 2D discrete random field linear least-squares estimation;
and (5) they formulate and solve 2D discrete $dimger equation inverse scattering problems

in polar coordinates.

1. Introduction

1.1. History

The inverse scattering problem for the multidimensional 8dimger equation with a time-
independent, local, nonspherically symmetric potential has many obvious applications in
geophysics and nondestructive testing. In a series of papers beginning in 1980, Newton [1-3]
generalized the Gel'fand-Levitan—Marchenko (GLM) machinery for the one-dimensional
(1D) problem to three dimensional (3D). These results were interpreted in [4,5] and
elsewhere. Cheney [6] developed analogous results for the 2D problem. All of these
methods reconstruct the scattering potential of a &tihger equation from the far-field
responses (scattering amplitude) to an impulsive plane wave (incident from any direction)
by solving either a Gel'fand-Levitan or Marchenko integral equation, and then computing
the gradient of the solution at the boundary of its support.

Although these results are quite elegant, there has never been a numerical
implementation of them. There is at least one major problem: since the data (scattering
amplitude) have more degrees of freedom than the potential, the problem is overdetermined,
and unless a so-called ‘miracle’ occurs in the gradient step noted above it is not at all
clear what has been accomplished. Some sense of what happens when the data are not
‘miraculous’ is needed to interpret the numerical results of these procedures.
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One way around this problem is to consider the 8dirger equation inverse scattering
problem with anonlocal potential diagonal in the radius [19]. This problem has applications
to distributed systems with varying nonzero response times, and to linear least-squares
estimation of random fields on the surface of a sphere of noisy observations [7,8]. The
significance of this problem here is that [7] suggests that the Newton multidimensional
GLM machinery is actually solving a nonlocal potential problem, which reduces to the
(desired) local potential only if the ‘miracle’ occurs, since the scattering amplitude and
nonlocal potential have equal degrees of freedom. Generalized Marchenko and Gel'fand—
Levitan integral equations for the 3D nonlocal problem were first given in [9, 10], where
the degrees-of-freedom issue was discussed. Both integral equations and layer stripping
algorithms were given in [7, 8].

An alternative approach to multidimensional inverse scattering is layer stripping. Layer
stripping in 1D goes back to the Schur algorithm of 1917 and the dynamic deconvolution
algorithms of the 1950s. A unified treatment connecting these algorithms to the 1D
GLM machinery and (significantly) to the classical Levinson and fast Cholesky fast signal
processing algorithms is given in [11,12]. Multidimensional layer stripping algorithms
were developed in [13] and numerically implemented in [14], in which we found these
algorithms to be surprisingly robust to varying discretization and noise levels. These
results were explained in [15], in which a properly implemented multidimensional layer
stripping algorithm was shown to be equivalent to a multichannel Levinson or Schur fast
signal processing algorithm, and in which a feasibility condition on backscattered data was
obtained, satisfaction of which implied that the layer stripping algorithm was stable. This
shows the significance of relating inverse scattering algorithms to classical signal processing
fast algorithms.

1.2. Contributions of this paper

In this paper, as in [15], we consider amtirely discreteSchibdinger equation inverse
scattering problem. We consider the 2D problem for the convenience of notation, although
the results extend to higher dimensions. These results differ from [15] in the following ways:
(1) polar coordinates are used; (2) nonlocal potentials are used; and (3) far-field scattering
data are allowed. The goal of this paper is to develop a discrete counterpart to the Newton
GLM machinery, consisting of discrete systems of equations (instead of integral equations)
and fast signal processing algorithms (instead of differential layer stripping algorithms) that
solve exactly an explicitly discrete(as opposed to discretized) 2D Sgtiinger equation
inverse scattering problem.

The significance of these results is as follows.

(1) They constitute the first numerical implementation of Newton’s multidimensional
inverse scattering machinery, since the algorithms can be computer-implemented as they
are, without any discretization or approximation.

(2) They show that numerical implementation of the Newton GLM machinery will
almost always result in a nonlocal potential, unless ‘miraculous’ data are supplied. More
precisely, if the datare miraculous, these discrete algorithms implement a discretization of
Newton’'s GLM machinery. If not, then the result of applying a discretization of Newton's
GLM machinery can be viewed as a discretized nonlocal potential. The mathematical
significance of this to the continuous problem is unclear.

(3) They show that layer stripping algorithms implement fast signal processing
algorithms, in this case the generalized split algorithms of [17]. This shows that these
algorithms are numerically stable.
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(4) They explicitly link the discrete 2D inverse scattering problem with the 2D random
field linear least-squares estimation problem, extending [16] to the discrete case.

(5) They formulate and solve the 2D SoéHinger equation discrete inverse scattering
problem in polar coordinates with a nonlocal potential (a new result).

This paper is organized as follows. In section 2 we quickly review the equations of
Newton’s GLM machinery, which were shown to apply to the 2D case in [6]. We then
use an inverse Radon transform to write these equations injthdomain. In section 3
we define a discrete 2D Laplacian operator and show that a linear system of equations
with generalized Toeplitz-plus-Hankel structure produces a three-term recurrence that we
recognize as a 2D discrete Sgimger equation with nonlocal potential. We then develop
discrete versions of the GLM integral equations. In section 4 we develop fast algorithms
for solving these equations that we recognize as both discrete layer stripping algorithms and
as fast split signal processing algorithms. Sections 3 and 4 modify the results of [17], and
they can also be interpreted as a discrete implementation of the results of [8]. Section 5
concludes the paper by summarizing its results and their significance.

2. Continuous two-dimensional Schoddinger inverse scattering equations

2.1. Review of basic equations

We quickly review pertinent portions of Newton’s GLM machinery for comparison with the
discrete problem solved in section 3. It should be noted that the results of this paper are
not limited to discretization of the equations of this section, but do demonstrate the results
of such discretization. We follow [1-3]; [19, 20] are good treatments.

The wavefieldi(x, k) satisfies the Scbdinger equation

(Ay + K2 = V(x)i(x, k) =0 2.1)

wherex = (|x| cost,, |x|sind,) € R? and the scattering potenti#l(x) is real, smooth, and
has compact support. It is also assumed ¥hat) does not induce bound states; a sufficient
condition for this is forV (x) to be non-negative. Two different sets of boundary conditions
are specified, resulting in two different solutions.
The scatteringsolution v (x, k, 6;) has boundary condition [6]
—ik|x|

W(x, k, 6;) = e kIeo0=00 4 Ak, 6, 6;)—— 4 O(|x| ) x| = oo (2.22)
VIx]

2r
— efik|x\005(9,-79x) _ / |kA(k, st Oi)efik\)dcoievf@x) dgv + O(|x|7l)
0
|x| = o0 (2.20)

where thescattering amplitudeA (k, 6;, 6;) is defined as
Ak, 0y, 60;) = —~/8n/e”""‘C"“G"‘ef‘"V(y)w(y,k, 6;) dy (2.3)

and (22aq) follows from (22b) by changing variables fror; to s = |x|cog6; — 6,). In

the time domain this corresponds to an incident plane wave in the diregtioging used

to probe the potential, and being scattered in all directidnsThe scattering amplitude

specifies the far-field behaviour of the wavefield, and constitutes the scattering data.
The regular solution ¢ (x, k, 6;) is defined as being the solution to (2.1) that is an

entire analytic function ok and is of exponential typgx|. It should be noted that, subject

to mild assumptions [3], this solution generically exists amd, k, 6;) — e 'klxIcosti—6.)
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is square integrable ik. Using the Paley—Wiener theorem, its inverse Fourier transform
o(x,t,6) = F Yo (x, k, 6,)} has support it on the interval |x|, |x|]. Thus, it has the
Povsner—Levitan representation
. Ix] .
¢ (x, k, 6;) = e klxlcosti=0o) —/ m(x, t,0,)e"* dt (2.4)
—lx|
wherem(x, t, 6;) is the nonimpulsive part of (x, 7, 6;).
The regular and scattering solutions are related by the Jost opefrétprsquare-
integrable on the unit circle with kerndl(k, 6y, 6,):
2
d(x, k,6;) = V(x, k, 05)J (k, 0y, 0;) dos
0 (2.5)

21
1/f(x,k,9,~)=/ b (x, k,0,)J Lk, 6y, 6;) db,.
0

Both J (k) and J~1(k) are analytic in the lower half-plane (causality in the time domain).
We define the scattering operator with kernel

|
S(k, 01,02) = 8(61 — 02) — EA(k, 01, 02)

2
vx, k,601) = / S(k, 01, 0)Yr (x, —k, 02 + ) do,
0

and Q as the operator such th&A(k, 01, 02) = A(k, 61 + , 62). We write (2.5) and (2.6)
in operator notation as [1] (note the order indicates wliiidh integrated)

(2.6)

_ —¢J ! S=1-———4 k) = Su(—k)0. 27
o=yJ v =a¢J N Y (k) v (=k)Q (2.7)

2.2. Review of Gel'fand-Levitan and Marchenko integral equations

The Marchenko procedure for solving the inverse scattering problem is as follows. Given
the scattering amplitudd (k, 6,, 6;), compute

1 (>
G(t, 65,6, %) = — f ik gk lxl(Cost=6,)=Cos6=00) A (k, 0,, 0;) dk  (2.8)

—00

and then solve thgeneralized Marchenko equatidf, 6]

2 00 2
v(x,t,6;) = / G(t, 6, 6;, x)do, + / / G(t—1,0,0;, x)v(x, —7,—0")do’ dr

0 o Jo 29
for the delayed scattered field

v(x,t,6;) =u(x,t —|x|co8; —0,),6;)

u(x,t,0;) = ¢¥(x,t,6;) — 8@ — |x| cog6; — 0,)).
The potentialV (x) is then recovered from the(x, 7, 6;) using themiracle equation [1, 6]
V(x) = 2(cosb;, sing;) - Vu(x,t =0, 6;)

= 2(cosh;, sing;) - Vu(x, t = |x| cog6; — 6,), 6;). (2.12)

Note that the right-hand side of (2.11) must be independent of the direction of incilence
This is the ‘miracle’, and it imposes a constraint ¢1ix, k, 6;) and hence oM (k, 6;, 6;),
since this has five degrees of freedom and the potelitia) generating it has only three

(2.10)
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degrees of freedom. There is no known simple test to seeAf/a6,, 6;) results in a
‘miracle’, although one known result is [21].

The Gel'fand—Levitan procedure for solving the inverse scattering problem is as follows.
ComputeJ ~1(k, 61, 6,) from scattering data (k, 6,, 6;) by solving the integral equation

00 2
L(t,6,,6;) = G(t,6, + 7, 6;,0) +/ f L(z,6, +7,0)G(t + 1,0, 6,0 d0 dr
0 0
(2.12)

whereG(t, 6, 6;, x) is defined in (2.8). Although (2.12) looks like (2.9), note that (2.12)
need only be solved for = 0, while (2.9) must be solved for all. We then have
J Yk, 64, 0,) = 1+/ L(t, 01, 05)€ % dr. (2.13)
0

Now define
M(t,01,600) = FHI(JP D)™t = §(61 — 6]} (2.14)

as the inverse Fourier transform of the perturbation of the spectral function away from its
free-space representation. Then the nonimpulsive part 7, 6;) of the regular solution
¢ (x, t,6;) may be obtained by solving thgel'fand—Levitan integral equatiofs]

21
m(-xytaei)z'/ M(t+|x|coq0$_gx)aesael)dgs

0
2 |x]
—f f m(x, T, 0)M(t + 1, 6,, 6;) dr db, (2.15)
0 _

x|

and the scattering potenti&l(x) may be recovered fromu(x, ¢, 6;) with
V(x) = 2(cosb;, sing;) - Vm(x, t = |x| cogb; — 6), 6;). (2.16)
This concludes our review of multidimensional inverse scattering theory.

2.3. Transformation tay domain: Gel'fand—Levitan equation

The aim of this section is to use the inverse Radon transform to map the above equations
from the (x, ¢, 6;) domain to the(x, y) domain. To do this will require some processing of
the above equations.
First, note the regular solutigf(x, &, 6;) and its nonimpulsive part(x, ¢, 6;) defined in
(2.4) have the properties(x, k, 6;) = ¢ (x, —k, 0; +7) andm(x, t, 6;) = m(x, —t, 6; + 7).
Hence, we may regardl(x, k, 6;) as the 2D Fourier transform of some functiégx — y) —
h(x,y) sinceFy_ 4, (8(x — y)} = e kIxIcos6=00 = Alternatively, we may regard (x, y)
as the inverse Radon transformmafx, ¢, 0;). The Radon transform is defined as

RIUFOD)} = F(t.0) = / f)8(t — [yl cogo —0y))dy (2.179)
R2
1 00 2 d .
fy) = —f / H—f(,0)5( —|y|lcogp — 6,))do dr (2.1M)
4 —x Jo dr
whereH is the Hilbert transform (convolution with/Lr¢)). So we define
—h(x,y) = Fioyo A k, 6;) — e M08y = REZ | m(x,1,6,)}. (2.18)

Sincem(x, t, ¢;) has support it on the interval {|x|, |x|], ~(x, y) has support inside the
spherely| < |x|, as long asn(x, t, ¢;) satisfies mild conditions (the triangularity bfx, y)
has been shown in [3]).
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Taking the partial inverse Radon transform [3, p 601] of the generalized Gel'fand—
Levitan equation (2.15) results in [1, 3]

k(x,y>=h<x,y>+[ W, Dk ds [yl < (2.19)

lzI<]x|

1

00 2 2
[ / / f Mk, 61, gz)e*ik(\xl005(91*9x)*|y\ cos02—6,)) 1 2 do, do, dk
@ Jo Jo Jo

k(x,y) =
(2.20)

whereM (k, 61, 62) was defined in (2.14). Note that in the domain the Gel'fand—Levitan
equation is a 2D Wiener—Hopf equation.
Also, from (2.20) we see that

80 =) + k@, y) = Fit oo s Finonoy (T D) Tk, 01, 62)8 (ke | — [k} (2.21)

This shows that(x — y) + k(x, y) is a positive definite function, and that the 2D Fourier
transform ofk(x, y) is zero except for then-shell values for which|k;| = |kz|. This
structure in the wavenumber domain implies that the function y) hasstructure [3]

(A — Ay)k(xa y) =0 (222)

where A, is the Laplacian with respect to.
Finally, taking the inverse Fourier transform of the Salinger equation (2.1) with
iu(x, k) = ¢(x,k,6;) results in [3]

(Ay — Ay)h(x, y) = V(x)h(x,y) V(x) = —%%umu, y = Xx). (2.23)
This means that the inverse scattering problem can be reformulated as follows. Given
M(t, 01, 6,) as defined in (2.14), compute its double inverse Radon trangfariry) using
(2.20) and solve the integral equation (2.1%(x) is recovered from the solutioh(x, y)
using (2.23) instead of (2.16).

Alternatively, we can derive the Gel'fand—Levitan equation directly in.thedomain
(2.19) as in [8] and [16]. Applying the operaton, — A,) to (2.19) and using (2.22),
we obtain directly (2.23). Since(x, y) is positive definite, (2.19) has a unique solution
[22], and this must be the nonimpulsive paflt, y) of the regular solution satisfying the
Schiddinger equation in they domain. Conversely, we may find this solution by solving
the integral equation.

We can propagate (2.23) as a continuous-domain layer stripping algorithm, computing
V(x) as we go. We initializé1 (0, 0) = 0 andh(A, y) known from direct solution of (2.19)
(this is a small problem compared with that for largef). We then propagate (2.23) in
increasing|x|, computingV (x) at each|x| using (2.23) and using thaf(x) to propagate
(2.23) to|x| + A for some smallA. We must obtaim(x, x) from h(x, y) using (2.19).
This is the continuous version of the discrete split Levinson algorithm of section 4.1.

2.4. Transformation tay domain

Most of section 2.3 appeared somewhere in [1-3,7-10,16]. The material to follow is
entirely new.

We cannot repeat this approach on the scattering solytian , 6) sincey (x, k, 0) #
¥(x, —k,0 + 7). Instead we consider (scattered fieltk, ¢, 6;) is defined in (2.10))

Ux, k,0) =y(x, k,0)+¥(x, —k,0 4+ 1)

- (2.24)
ulx,t,0,) =u(lx,t,6;) +ulx,—t,6; + ).
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Sinceu(x, t,6;) = u(x, —t,0; + ), we can define the inverse Radon transforms
u(x, y) = Ry, (i (x, 1,6,)}
R, ) =Rl g Ritsiy o 1811 = 12)G (11, 61, 6, %))

whereG (11, 61, 62, x) is defined as in (2.24) anB(x, y) satisfies (2.22).

u(x, y) can be related to the Gel'fand—Levitan equation solution as follows. Changing
k to —k and @ to 6 + & throughout (2.5) and adding to (2.5) gives (recallk, k, ) =
o(x, —k, 0+ m))

(2.25)

21 00
Y(x, ky, 01) = / / ¢ (x, ko, 02)J "L(ka, 62, 01)8 (k1| — |k2|) dkz 0B2 (2.26)
o Jo

where J 1 is defined as in (2.24). Taking inverse Fourier transforms and using Parseval's
theorem gives, as in (2.21) and interpretifig(x — y)§(x — z) dx = §(y — 2),

V(x,y) = f&(x,z)fl(z,y) dz (2.27)

where ¢ (x, y) and J~1(x, y) are the obvious inverse Fourier transforms ahd-(x, y),
like R(x, y) andk(x, y), satisfies (2.22). By linearity} (x, y) satisfies (2.23) sincé(x, y)
does. Note that botkp (x, y) and v/ (x, y) satisfy the first equation of (2.23), while their
nonimpulsive parts satisfy both equations of (2.23).

The boundary condition fof (x, y) is found from (22b) and (2.8) as

Y(x,y) =28(x — y) + R, ») + O(x|™H) x| = o0 (2.289)
R, ¥) = Fiton o Finan oy AlkL, 61, 62)8 (k1| — [ka])} (2.280)
Ak, 65, 6) = A(k, 0y, 6) + A(—k, 0, + 7,6, + ) = A(k, 0, 6;) + A(—k,6,,6,)  (2.28)

using reciprocity [3] (the impulse is also doubled). Setting= 0 in (2.27) also gives
(0, y) = J710, y). This provides another reformulation of the inverse scattering problem,
in which the problem is solved in increasing rather than decreasing| (see below).

We now show that:(x, y) satisfies an equation like (2.23). To see this, note

(A + k2= V()Y (x,k,0) =0 (2.29)

from (2.24), since both)(x, k,0) and y(x, —k, 6 + ) satisfy the Scladinger equation
(the latter is denoteds~ in [1]). Since ¥ (x,k,0) = ¥ (x, —k,0 + ), we can take an
inverse Fourier transform taking@, 6) into y. The result is

(Ax = Apu(x, y) = V(x)u(x, y). (2.30)

Letting |x| — oo in (2.284) shows that«(x, y) >~ R(x, y), although it should be noted that
we cannot be sure(x, y) >~ 0 sinceR(x, y) may have a singularity ify|.

We now show that we can setx, y) = 0 for |y| < |x|. Note that:

(1) Equation (2.30) has a characterigti¢ = |x|, and{u(x, y), |y| > |x|} propagates in
|x| entirely independently ofu(x, y), |y| < |x|}.

(2) The miracle equation (2.11) still holds wheix, ¢, 6;) is replaced withi(x, ¢, 6;),
since bothVu(x, ¢, 6;) and Vu(x, —t, 6; + ) jump from zero at = |x|cogH; — 6;), SO
their sumVu(x, ¢, 6;) has this value.

(3) Modifying the argument in appendix B of [8] gives the miracle equation (2.11) in
the xy domain (note the sign change from (2.23)). We have

. 2 d
V(x) = 2(cosh;, sinb;) - Vu(x, t = |x| cos0; — 6,),0;) = —| |_d| ||x|u(x, y=x). (2.31)
X X
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Note that neither (2.31) nor propagation @i(x,y),|y| > |x|} in (2.30) requires
{u(x,y), |yl < |x|}. Hence, for the inverse scattering problem, we may set the latter
to zero.

Note that for the 3D problem the nonlocal derivative-Hilbert transform operator in
the inverse Radon transform.{Zb) becomes a local second derivative. Then, setting
u(x,y) = 0 for |y| < |x| is equivalent to settingi(x,t,6;,) = 0 for |¢f|] < |x|, SO
that triangularity is induced in the time domain as well as thedomain. In the 2D
problem the nonlocal derivative-Hilbert transform precludes this; ¢, 6;) for |¢| < |x| is
whatever values are required to make:, y) = 0 for |y| < |x|. These values do not affect
{u(x, y), |y| > |x|} since these are determined fiy(x, ¢, 6;), |t| > |x|}.

2.5. Continuous layer stripping algorithms

We can propagate (2.30) as a continuous-domain layer stripping algorithm, compuiing
as we go, initialized in any of three different ways.

(1) At x = 0 usingu(0, y) = J~1(0, y) if this factor is known. We then propagate
(2.30) in increasingx|, computingV (x) at each|x| using (2.31) and using thaf(x) to
propagate (2.30) tox| + A for some smallA.

(2) At |x| — oo usingu(x, y) >~ R(x, y) if the scattering amplitude is known. We then
propagate (2.30) in decreasifg, computingV (x) at eachx| using (2.31) and using (x)
to propagate (2.30) tox| — A. This is the continuous version of the discrete split lattice
algorithm of section 4.3.

(3) At finite |x| outside the support oV (x) if the near-field scattered field is known.

We then proceed in decreasifg| as in (2). This is also the continuous version of the
discrete split lattice algorithm.

Of course this is inefficient; the backscattered field due to probing in a single direction
0; is sufficient to reconstruct (x) [13-15, 23]. However, here we are deriving results for
the Newton GLM machinery.

One final operation is required before passing to the discrete problem. The Laplacian
operator in polar coordinates, 0) is

2 2 2
Afroy= 22,00 1o 1 6% Lar
ror dr  r29602  Jror? r2 962
The 1/(4r?) term does not appear in the Laplacian operator in an odd number of dimensions;
it shows the Green function in an even number of dimensions is only asymptotically an
impulse. Using (2.32), we rewrite (2.23) as
( 92 1 1 92 92 1 1 92

Lo v 1 ——) *llylhCx, y)

OIx2 " A2 T x[2062  alyl2  Alyl2  [yl2 002
= V) ixllylh(x, y) (2.33)

d B
Vix)=— <m + m) hix,y =x).

1
rf)+ vl (2.32)
T

2.6. Summary

The inverse scattering problem can be formulated as follows. The basic equation to be
solved is (2.1), which transforms into (2.33) as noted above. GMeén 6,, 6,) as defined

in (2.14), compute its double inverse Radon transfai, y) using (2.20) and solve the
Gel'fand-Levitan integral equation (2.19¥.(x) is recovered from the solution(x, y) using
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(2.23). Or, given scattering amplitudgk, 6;, 6;), find G (¢, 61, 62, x) using (2.8), compute
the double inverse Radon transforRi(x, y) using (2.28) and run any of the continuous
layer stripping algorithms of section 2.5.

We note at this point that the 2D Wiener—Hopf equation (2.19) leads to stochastic
interpretations of all of these equations [16](x, y) is the optimal filter for computing
the linear least-squares estimate of a zero-mean random field with covakianoe at
the boundary of a circle of noisy measurements. Also, the factithaty) (along with
J71(x,y) and R(x, y)) has the generalized Toeplitz-plus-Hankel structure (2.22) (see [8])
makes possible all of the fast layer stripping algorithms. We show this in the discrete case
explicitly.

3. Discrete two-dimensional Schbdinger inverse scattering equations

3.1. Formulation of two-dimensional discrete inverse scattering problem

In this section the discrete counterpart to section 2 is considered. We replace the continuous
2D Laplacian operator (2.32) with its discrete counterpart
_fGHLm) 4 f1G =1, m) — 2f' (i, m)
Vi
fG.m)y fA,m+D+ fi,m—1)—2f3G, m)
+—+ .
42 i2

wherei denotes radial ang: denotes angular indices and(i, m) = /i f(i, m). We can

regard (3.1) as a discretization= iA,, 8§ = mAy of (2.32), or as an explicitly discrete
operator. We omit factors ok, and A4 throughout. Using (3.1), rewrite (2.33) as

Af(i,m)

(3.1)

h@+1, j,mn)+h(i—1,jmmn)—h(,j+1m,n)—h@,j—1 m,n)
+h(i—1,j,m+1,n)+h(i—1,j,m—1,n)—2h(i—1,j,m,n)

i2
hi—-21,jmn+1)+hi—-1jmn—21)—2h(i —1, j,m,n)
_ 2
h(, j,m,n) h(@, j,m,n)
+ 42 4;2
M-1
= > V(i,m khi -1, j.kn) (3.2)
k=0

whereh(i, j, m, n) can be viewed as a discretization.gfx[[y[h(x, y) in which |x] =i A,,
Iyl = jA,, 6y = mAy, andby, = nAy and Ay = 27/M. Note that the angular indices
andn are periodic with period/. Also note that the potentidl (x) in (2.33) has been
replaced with a discrete nonlocal potenti&li, m, n) in (3.2); this will correspond to (2.33)
if V(i,m,n) =V(i,m)§(m —n) whered(i — j) is now a discrete impulse. However, we
will show that in fact a nonlocal potential will almost always be the result of solving the
inverse scattering problem, which is why we incorporate it into (3.2).

The discrete 2D inverse scattering problem is defined as follows. Giver, m, n)
or R(i, j,m, n), compute the scattering potentitki, m). This can be viewed either as a
discretization of the continuous problem, or as an explicitly discrete problem.

We define the regular solution to the discrete 2D inverse scattering problem as the
solution satisfyingy (0, j, m, n) = §(j) (note angular indices: andrn are irrelevant when
the radiii = j = 0). ¢(i, j,m,n) has support ori > j > 0. The scattering solution
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¥ (i, j,m,n) can be defined using (0, j, m,n) = J~Y(0, j, m, n); it satisfies asymptotic
conditions analogous to (2.2) and (2.32). The smooth parts (so to sp@€ak)m, n) and
u(i, j,m,n) of ¢(i, j,m,n) andy (i, j, m, n), respectively, are defined as before with a
discrete impulse. The condition (2.22) satisfiedklty, y), R(x, y), andJ 1(x, y) becomes
the discrete condition (3.2) with the right-hand side set equal to zero.

3.2. Discrete two-dimensional Gel'fand—Levitan procedure

The discrete counterpart to the Gel'fand—Levitan equation (2.19) is

i—1 M-1

kG, jom,n) =hG, jom,n)+ Y > hi k,m, Dk(k, j.1,n). (3.3)

k=0 [=0
Recall that the radial weighting factay|x||y| has been incorporated into(i, j, m, n)
andk(i, j, m,n), and this accounts for the absence of radial weigit (3.3). However,
we impose a subtle condition on the sum o¥er it only includes indicest that have
the same parity (even or odd) @as— 1. For example, the sum may include values
k=13579=i—1o0ork=024,68=i—1, skipping every other value. The
sum over indeX does not skip any values. This peculiar arrangement does not make any
difference in the continuous limih — O, but it is vital in the discrete case; this is the first
of many points on which simple discretization of the continuous equations will not work.
The skipping-index arrangement replaces the use of interpolated systems in [17].

We now modify an argument we used in [17]. Apply the discrete operator defined by
the left-hand side of (3.2) (the discrete counterpar(4q — A,)) to (3.3). After some
algebra and using the discrete counterpart to (2.22), we obtain precisely (3.2)! We also
obtain

Vi,m,n)=h(i+1,i,m,n)—h(,i —1,m,n) (3.4)

which is clearly a discrete counterpart to the second equation of (2.33)!

We now present some comments on the algebra involved in deriving (3.2) and (3.4)
from (3.3).

(1) The basic idea is to apply the discrée, — A,) to (3.3) and obtain an equation
similar to (3.3), except thak(i, j, m,n) is replaced by(A, — Ay)h(i, j,m,n) and
k@i, j, m, n) is replaced by a multiple ok(; — 1, j, m, n); the multiple defined/ (i, m, n).
Sinced (i — j) + k(i, j, m, n) is positive definite, (3.3) has a unique solution, and the new
solution must be the old solution multiplied B¥(i, m, k) and summed over indek

(2) Most of the algebra was given in [17] and will not be repeated here. The following
changes are required:

(a) the additional term is handled by multiplying (3.3) by

11 11 11
— - === - = 3.5
4i2 "~ 42 <4i2 4k2> + <4k2 4j2) (3.5)

and adding the result to the argument in [17];

(b) since the radial indicesand j are not changing, the radial factoy i multiplying
the angular part is also handled using (3.5);

(c) the half-integer indices and j become integers as above.

(3) Note the angular parts of the Laplacians are both definéd atinstead of, and the
potential multipliesh (i —1, j, m, n), noth(i, j, m, n). These seemingly innocuous changes,
negligible in the continuous limit, are necessary in the discrete case.

(4) The above result is only exact if the angular and radial parts of the difference of
discrete LaplaciangA, — Ay)k(x, y) are separately zero [17]. Since a rotation in the
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spatial domain produces a rotation in the Fourier domain, this happens if the spectral
function M (z, 61, 6,) defined in (2.14) has Toeplitz-plus-Hankel structure6ing,, i.e.
M(t, 01, 05) = My(t, 61 — 02) + Mo(t, 6, + 05) for some functionsV1(-), M»(-). Otherwise
the derivation in [17] requires at one point approximatiigy j, m, n) with k(i —1, j, m, n),
which is valid in the limitA — 0.

The above argument shows that the solution to the discrete Gel'fand—Levitan
equation (3.3) satisfies (3.2) with0, j, m, n) = 0. This mean&(i, j, m, n) is the ‘smooth’
part of the regular solution (the regular solution minus a discrete impulse), since the regular
solution is unique. The discrete potential can be recovered framy, m, n) using (3.4).
Thus, the entire continuous Gel'fand-Levitan procedure has an exact discrete counterpart,
and the latter, unlike the former, can bigectly implemented numerically. However, while
the continuous results can easily be obtained from the discrete results by kettingO,
the continuous equations will not work unless they ameperly discretized (3.2), (3.3).

3.3. Discrete two-dimensional Marchenko procedure

A similar argument can be used to derive a discrete Marchenko procedure. We define the
discrete Marchenko equation to be (compare with (3.3))
oo M-1
RG, j.om.n) =uG, jom,n)+ > > uli.k.m DRk, j.1,n). (3.6)
k=i+1 [=0
Again the radial weighting factok/|x||y| has been incorporated inte(i, j, m,n) and
R(i, j,m,n), and the sum ovek includes only indicesk having the same parity (even
or odd) asi + 1. Again applying the discrete counterpart @k, — A,) to (3.6) and
modifying the argument used in [17] (the sum now start& ati + 1 instead of ending at
k=i — 1), we obtain
M(l+1,j,m,l’l)+u(l —l,j,m,n)—u(i,j+1,m,n)—u(i,j—1,m,n)
+u(i +1,jm+1Ln)+ul+1 j,m—1n)—2u@@+1,jm,n)
12
1
u@+1,j,mn+1D)+ul@+1,j,mn—1) —2u@+1, jm,n)
— >

J
+u(i, j,m,n) u(i, j,m,n)
4;2 42
M-1
= > Vi,m kul+1,j.kn) 3.7)
=
Vi,m,n)=u(i —1,i,m,n) —u(i,i +1,m,n). (3.8)

Comparing (3.7) with (3.2), note that all of th&i — 1, j, m, n) have been replaced with
u(i +1, j,m,n), and that (3.8) is clearly a discrete counterpart to (2.30).

Comments on this approach are identical to those for the Gel'fand—Levitan equation.
The only major difference is the infinite range of the summation in (3.6), which requires
that we assume that the sum converges, so that we can define a system of equations of
infinite order with a unique solution.

4. Discrete layer stripping algorithms

The 2D discrete inverse scattering problem can also be solved by using fast layer stripping
algorithms. In the discrete case, we can show that these layer stripping algorithms also
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directly solve the Gel'fand-Levitan and Marchenko systems of equations in section 3.
Indeed, the layer stripping algorithms can now be seen to be classical split fast signal
processing algorithms for solving these structured systems of equations.

An early form of layer stripping algorithm is the dynamic deconvolution concept
developed in the 1950s in the oil industry [18]. These algorithms have the reputation
of being numerically unstable when applied to noisy data. We have shown that this is due
to their being fed infeasible data, data that could not possibly have come from a scattering
medium as modelled. If the noisy data are corrected to become feasible (although still
noisy) the forms of layer stripping that correspond to classical signal processing algorithms
such as the Levinson and Schur algorithms are numerically stable.

The layer stripping approach and the GLM integral equation approach have been shown
to be related in the 1D case [11,12] and the 3D case [5,7,8,16]. However, numerical
implementation requires discrete algorithms, and as we have shown above determining the
proper discrete algorithm is not trivial. Here we provide explicitly discrete layer stripping
algorithms that solve the 2D discrete inverse scattering problem. We also show that these
are fast split signal processing algorithms for the Gel'fand—Levitan and Marchenko matrix
equations, so the two approaches are not only related but identical in the discrete case.

4.1. Split Levinson-type algorithm

To compute the potentidt (i, m, n), define the Schur variables
s, j,m,n)=6(G — j)é(m —n) +k(@, j,m,n) — h(, j,m,n)
i-1 M-1
=% hG k. m, Dk(k, j.1,n). 4.1)
k=0 [=0
From (3.3) it is clear that(i, j, m,n) = 0 fori > j; compare this withi(i, j,m,n) =0
for i < j. Sinces(i, j,m,n) is a linear combination o8(i — j)é(m — n) — h(i, j, m, n),
s(i, j, m, n) satisfies (3.2) for allj:
s@G+1,j,m,n)+s@—1jmn) —s@, j+1,mn)—si, j—1m,n)
+s(i—1,j,m+1,n)+s(i—1,j,m—1,n)—2s(i—l,j,m,n)

2
l
s@—1,j,mn+1)+sG—-1jmn—21)—2sG—1, j,m,n)
_ =
J
+s(i,j,m,n) s(, j,m,n)
42 4;j2
M-1
= > V(i.m ks -1, j.k,n). (4.2)
k=0
Settingj =i — 1 in (4.2) gives

M-1
> Vi.m ks —1.i— 1.k, n)
k=0

=s(i—1i—1m,n)—s@,i,m,n)
+s(i—1,i—1,m+1,n)+s(i—1,i—1,m—1,n)—2s(i—1,i—1,m,n)
2
i
s@G—Li—-1mn+1)+sG—-1i—-1mn—-1)—2sG—1,i —1,m,n)

(i —1?

(4.3)
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This is clearly a set ofM? equations in the\/? unknownsV (i, m, k), since 0< k, m, n <
M — 1. They can thus be solved for th&(i, m, k).
The split Levinson-type layer stripping algorithm is as follows. Initializ8, j, m, n) =
0 and h(1, j, m,n) computed directly from (3.3). Propagate (3.2) in increasingFor
eachi, computes(i, i, m, n) using (4.1). Compute the potentitli, m, n) by solving (4.3).
Compare this with the continuous layer stripping algorithm defined at the end of section 2.3.
We call this a split Levinson-type algorithm since it consists of a multichannel recurrence
that implements a discrete Sékinger equation and requires the computation of the
s(i,i,m,n) using (4.1); all of these are characteristic of split Levinson-type algorithms.
The computation of the(i, i, m, n) is a major computational bottleneck since it is an
inner-product-like computation. It may be avoided by using a split Schur-type algorithm,
as we now demonstrate.

4.2. Split Schur-type algorithm

The idea of the split Schur-type algorithm is to omit the regular solutigh j, m, n)

entirely. Instead, we simply propagai€, j, m,n) using (4.2) and recover the potential

V(i,m,n) by solving (4.3). This avoids the necessity of computi(@ j, m,n) from

h(i, j, m, n)—we simply propagate the former and omit the latter entirely. The elimination

of the inner-product-like computation (4.1) is characteristic of split Schur-type algorithms.
The split Schur-type layer stripping algorithm is as follows. Initializ®, j, m, n) =

k(O, j, m,n). Propagate (4.2) in increasirig ComputeV (i, m, n) by solving (4.3). Then

proceed ta + 1. This does not have a continuous layer stripping counterpart in this paper,

although it is the discrete counterpart to a continuous algorithm proposed in [8].

4.3. Split lattice-type algorithm

In the 1D case the Levinson-like algorithm computes the regular solution and the Schur-like
algorithm computes the scattering solution. Thisds true in dimensions higher than one;
the Schur variables(i, j, m,n) computed by the above algorithm are not the scattering
solutionu(i, j, m, n) that solves (3.6).

However, we can define a layer stripping algorithm for the scattering solution. Unlike
the above two algorithms, it must be initialized for laigend then propagated in decreasing
i. This makes physical sense since the scattered field is measurediutside the support
of the potential. We could also startiat 0, but in this case computation of the potential
becomes complex. Since this case is of little interest, we do not discuss it further (see [8]
for a discussion of the continuous version of this algorithm). Since this algorithm is in a
sense the geometric mean of the Levinson and Schur algorithms (see [8]), we call it a split
lattice-type algorithm.

Analogous to defining (4.1) from (3.3), we define from (3.6)

s'(i, j,m,n) =83 — j)d(m —n)+ R(i, j,m,n) —u(i, j,m,n)

oo M-1
=Y > ul.k.m DRk, j.1.n) (4.9
k=i+1 (=0

and by linearitys’(i, j, m, n) satisfies (3.7). Setting =i + 1 in (3.7) gives
M-1

D VG.m ks + 10+ 1k n)

k=0

=s'(i+1,i+1m,n)—s'(i,i,m,n)
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+s’(i+1,i+1,m+1,n)+s’(i+1,i+1,m—1,n)—2s’(i+1,i+1,m,n)
2
i
SC+1Li+1lmn+D)+sG+Li+1lmn—-1)—-2'G+1,i+1,m,n)
(i +1)2

since from (3.6) and (4.4Y (i, j, m,n) = 0 for j > i. This is clearly a set oM? equations
in the M2 unknownsV (i, m, k), since 0< k, m,n < M — 1. They can thus be solved for
the V(i, m, k).

The split lattice-type layer stripping algorithm is as follows. Initializd, j, m, n) =
R, j, m,n) for largeI, or directly with the scattered field(, j, m, n) for somei outside
the support of the potential. Propagate (3.7) in decreasi@pmputeV (i, m, n) by solving
(4.5). Then proceed tb— 1. Compare this with the continuous layer stripping algorithm
defined in section 2.5.

(4.5)

4.4. Significance of the discrete problem to continuous problem application

The implications of our results for continuous 2D inverse scattering problems can be
summarized as follows.

(1) If appropriate discretizations (3.2) and (3.3) are used, the GLM machinery for
the continuous problem can be implemented exactly numerically. That is, a discrete
implementation will solve a discrete problem. This shows not only that the procedure
will work, but it also specifies the problem that has been solved by it.

(2) However, there are several seemingly minor but important aspects of the discrete
problem that are not apparent from the continuous problem:

(a) the depth index in the angular part of the Laplacians, and in the field term multiplying
the potential, must bé+ 1, noti;

(b) the sums in the discrete GLM equations must skip every other term;

(c) the simple equation (2.33) relating the regular solution to the potential generalizes
directly to (3.4). However, computation of the potential frang, j, m,n) is not
accomplished by a similar equation, but by solving the systems of equations (4.3). Note that
in the continuous limitA — 0 the impulse in (4.1) dominates at= j, so (4.3) simplifies
to the simple formula

Vi+1Lm,n) =s@Gimmn)—s@+1i+1 m,n)
+s(i,i,m+1,n)+s(i,i,m—1,n)—s(i,i,m,n+1)—s(i,i,m,n—l)

12

i

(4.6)

where we have also useéd ~ (i — 1)°>. However, it is not at all clear how to obtain the
system of equations (4.3) from the continuous-limit formula (4.6).

(3) Similar comments apply to all of the layer stripping algorithms. Note in particular
that the system of equations (4.5) simplifies to (2.30) in the continuous Ami¢ O since
again the impulse dominates.

(4) The big problem is of course nonlocality of the potenti&li, m, n). If the data
are miraculous, then the solution to the system of equations (4.3) will have the property
V(@i,m,n) = V(@i,m)é(m — n); (4.3) is thediscrete miracle equationBut if the data are
not miraculous (as they almost surely will not be), thtée result of applying the GLM
procedure numerically will be a nonlocal potentialhe physical significance of this result,
and even the interpretation of it for the continuous problem, are open to question. However,
this iswhat actually happens numerically
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5. Conclusion

We have shown that there exists a 2D discrete counterpart to the GLM machinery for
the continuous 2D inverse scattering problem. The counterpart is to equations in the
xy domain, rather than ther domain, where the former is obtained from the latter
by performing an inverse Radon transform. Since the regular solution has the property
¢(x,t,0) = ¢(x,—t,0 + ), this could be applied to the Gel'fand-Levitan procedure
directly. Since the scattering solution hésx, 7, 0) # ¥ (x, —t, 0 + ), it was necessary

to define first a symmetrized (x, ¢, 6) = ¥ (x, 7, 0) + ¥ (x, —t, 0 + ). Although inverse
Radon transform domain equations are equivalent to the original equations only the former
can be discretized exactly.

The discrete 2D inverse scattering equations include discrete Gel'fand-Levitan and
Marchenko systems of equations, layer stripping algorithms that are split Levinson and
Schur algorithms generalized to 2D, and discrete counterparts to most of the continuous
guantities. However, there are subtle points to the discretization that make the discrete-to-
continuous transformation easy but the continuous-to-discrete transformation much more
difficult. These are summarized in section 4.3; unless these are followed there is no
guarantee that discretized equations will solve a discrete problem. Appropriate discretization
means that an explicitly discrete problem is being solved exactly by explicitly discrete
algorithms, so the procedure will be exact for the problem it is solving. This is especially
important for layer stripping algorithms, which usually diverge unless they are solving an
explicitly discrete problem.

We have gone to some trouble to point out analogous equations between the discrete
and continuous developments. The reader should carefully distinguish the exact discrete
results from the approximations used as— 0 to get the continuous results; the discrete
results donot depend orA — 0!

A major insight obtained by looking at the discrete problem is that almost all scattering
data will be nonmiraculous, and the result of the discrete GLM procedure (whether explicitly
discrete or discretized continuous) will be a nonlocal potential. This is not surprising from
a degrees-of-freedom viewpoint, although its physical significance to continuous problems
is open to question. However, this is what will happen when the procedure is implemented
numerically.
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